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Abstract

Motivational intensity has been previously linked to information processing. In particular, it

has been argued that affects which are high in motivational intensity tend to narrow cognitive

scope. A similar effect has been attributed to negative affect, which has been linked to nar-

rowing of cognitive scope. In this paper, we investigated how these phenomena manifest

themselves during visual word search. We conducted three studies in which participants

were instructed to perform word category identification. We manipulated motivational inten-

sity by controlling reward expectations and affect via reward outcomes. Importantly, we

altered visual search paradigms, assessing the effects of affective manipulations as modu-

lated by information arrangement. We recorded multiple physiological signals (EEG, EDA,

ECG and eye tracking) to assess whether motivational states can be predicted by physiol-

ogy. Across the three studies, we found that high motivational intensity narrowed visual

attentional scope by altering visual search strategies, especially when information was dis-

played sparsely. Instead, when information was vertically listed, approach-directed motiva-

tional intensity appeared to improve memory encoding. We also observed that physiology,

in particular eye tracking, may be used to detect biases induced by motivational intensity,

especially when information is sparsely organised.

Introduction

Cognitive scope, defined as the attentional or mnemonic preference for central (dominant) or

peripheral (secondary) details, has been linked to a number of affect-related factors such as

mood [1, 2], anxiety (emotion) [3], hemispheric activity [4, 5], arousal (or activation) [6],

valence [7–9] and motivational intensity [10]. Modulation of cognitive scope has also been

attributed to individual traits, such as anxiety [11] or hemispheric dominance [4, 12]. Cogni-

tive scope is sometimes described as the attentional or mnemonic preference toward the

“trees” (narrow scope) or the “forest” (broad scope). Note that there may be some overlap

between the affective phenomena which modulate cognitive scope. Emotions can be decom-

posed into three dimensions: arousal (also known as activation), valence (whether the emotion
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is positive, such as happiness, or negative, such as sadness) and dominance (whether it is char-

acterised by domination or submission) [13]. Manipulating any of these components could

cause cognitive scope to be altered. However, an additional component has been argued to be

central to the modulation of cognitive scope. This is motivational intensity, defined as the driv-

ing force towards a stimulus (approach motivation) or away from it (withdrawal motivation)

[14]. For example, anger is normally associated to slightly negative valence, high arousal and

high motivational intensity. Hence, without controlling for confounding variables, the narrow-

ing effect of anger could be attributed to high motivational intensity, high arousal or negative

valence simultaneously. Continuing from this example, recent work which did account for

confounding variables indicated that the high motivational intensity component of anger is

indeed a major factor in cognitive scope reduction [15]. Anger is considered high in motiva-

tional intensity since it drives attention towards a specific goal (e.g. an enemy that needs to be

attacked). On the other hand, affective states such as joy or relaxation are considered to be low

in motivational intensity: these emotions do not drive towards or against a specific goal when

being experienced (since the goal may have already been achieved). Such emotions have been

linked to broad cognitive scope in experiments that employed Navon letters or Kimchi and

Palmer stimuli [10, 14]. More in detail, high motivational intensity indirectly induced partici-

pants into paying more attention to details at the expense of general information. Note that we

use the word indirectly as motivational intensity was induced using task-irrelevant manipula-

tions, via ‘flanker’ tasks. This is important since it would not be of particular interest to observe

an increase in interest towards a particular goal if a person is highly motivated in achieving

that very goal. Instead, we are interested in the effect of motivational intensity on incidental or

competing tasks. In this paper we focused on visual search, as we hypothesised that cognitive

scope alterations would in turn affect visual search.

Apart from cognitive scope, motivational intensity has also been linked to increased cogni-

tive control [16, 17]. That is, reward expectation may increase resource allocation in the brain,

allowing the optimisation of behaviour and working memory capacity at the expense of other

systems, resulting in increased physiological activation and strain. This effect is especially

noticeable when utilising task-relevant manipulations [18]; during visual search tasks, partici-

pants quickly adapt to the task at hand, optimising their search strategy [19]. Importantly,

increased cognitive control has also been observed during task-irrelevant manipulations

[16, 20].

As previously mentioned, broadening and narrowing of cognitive scope can also be modu-

lated by valence. That is, positive emotions (happiness) are said to broaden scope for attention

and memory, while negative emotions (sadness) tend to narrow it [7–9, 21, 22]. It has been

argued that this is because positive moods enhance the currently most accessible thought. Posi-

tive emotions are believed to broaden cognitive scope since the “default” (most accessible

under neutral circumstances) scope is broad [23]. That is, the normal approach to a situation

would be to consider it as a whole, rather than focusing on the details. Positive emotions, then,

encourage this behaviour. On the other hand, negative emotions counter this “default” broad

scope, narrowing it instead [24]. It is particularly relevant to our context that approach-moti-

vated positive affect has been shown to improve recall rates for centrally presented words in a

task-irrelevant manipulation [20].

In this paper, we assessed whether motivational intensity and valence influence perfor-

mance during a common computer-based task: visual search. We carried out our investiga-

tions by manipulating both motivational intensity and valence directly, without employing

specific emotions (i.e. we did not attempt to elicit anger or sadness). As in the previously cited

work, we employed a ‘flanker’ task; this enabled us to investigate the effects of manipulations

on visual search performance without directly influencing it. In other words, it would not be
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surprising for us to observe an increase in visual search performance if participants were moti-

vated in searching faster or more accurately (assuming no additional controlling variables).

Instead, we attempted to alter cognitive scope, expecting that this would in turn influence

performance.

Factors modulating cognitive scope are relevant to the implementation of human-computer

interfaces. This is because some systems present large amounts of scattered information, such

as dynamic control applications (e.g. air or naval control systems). Given the complexity of the

information presented, some may be overlooked if the current user of the system pays atten-

tion only to a limited interface area. It would therefore be valuable to detect such biases in

order to reduce risk of failures due to human error (e.g. raise a low attention exception, which

could, for example, alert the current user or other users of the system). This observation applies

to systems beyond dynamic control applications: emerging search engines are starting to uti-

lise result layouts which forego the currently ubiquitous list format. Instead, search results are

sometimes displayed across larger areas, plotted in two dimensions, in a fashion that resembles

scatter plots. This is done in order to provide personalised layouts [25], visually build queries

[26] and/or refine queries over multiple iterations [27–29]. Apart from search engines, infor-

mation obtained from web pages can be summarised into tag clouds, arranging keywords

across a two-dimensional space [30, 31]. It would therefore be of interest to investigate whether

users who rely on information scattered across a two-dimensional space are susceptible to

attentional and mnemonic biases induced by high motivational intensity or negative affect.

We are also interested in real-time detection of such biases. Psychophysiological signals can

be utilised to estimate the user’s emotional state [32, 33]. Systems that utilise psychophysiologi-

cal signals have been able to automatically estimate stress, anxiety or mental workload [34–36].

We are interested in investigating whether multi-modal psychophysiological systems could

also be used to estimate motivational intensity (and, in turn, cognitive scope). Motivational

state estimated via psychophysiology could help in preventing or detecting the aforementioned

biases during the use of systems which depend upon the users’ visual attention.

In particular, eye tracking could be very informative for the detection of changes in the

users’ cognitive scope. It has been previously indicated that less attention is paid to the periph-

ery of a screen when motivational intensity is heightened [20]. Moreover, it has been shown

that participants adapt eye movement strategies to optimise performance in various visual

search tasks [37]. Given that motivation may guide what the visual system presents to con-

scious awareness [38], it is reasonable to expect that the effects of motivational manipulations

would be reflected in the users’ search strategies and would be measurable via gaze pattern

analysis.

These are additional signals that may also be helpful in the detection of cognitive biases.

Motivational intensity is normally associated to increased sympathetic nervous system activa-

tion (arousal) [39]. This is associated to increases in heart rate [40] and skin conductance [41].

Motivational intensity has also been linked to EEG asymmetry: activity in the left hemisphere

raises as motivational intensity increases [12, 42–44]. Moreover, left hemispheric activity has

been associated to a localised cognitive scope, while grater right (or lower left) activity is corre-

lated a broader scope [5, 45, 46]. This suggests that changes in motivational intensity could be

detected by monitoring a number of relatively simple signals: Heart Rate (HR), Electrodermal

Activity (EDA) and EEG (Frontal Alpha Asymmetry, which can be measured using only two

electrodes). Using signals that require low computational power renders them appropriate for

real-time usage (also known as on-line analysis).

In summary, the picture that can be drawn from the literature is that motivational intensity

modulates attentional scope. Changes in scope may affect users which are required to monitor

relatively large amounts of information at a fast pace. In this context, it is necessary to take
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into account the effect of task-irrelevant stimuli, which reduce attentional resources allocated

to the main task. It is also possible that the same information displayed in different ways

would be not affected by motivational biases in the same fashion. For example, attentional

biases that narrow cognitive scope may decrease performance more noticeably when the user

of the system is parsing information displayed sparsely. Eye tracking and psychophysiological

signals could be used to detect such motivational biases in real time. Finally, valence can also

affect cognitive scope: it is often narrowed by negative affect.

Studies

We present three studies which we conducted to assess the effect of motivational intensity on

visual word search, while simultaneously testing whether any biases induced by it can be

detected via multiple psychophysiological signals. This is something that, to our knowledge,

has not been previously investigated.

The first study assessed whether motivational intensity does affect visual search differently

depending on the way in which information is presented. Studies 2 and 3 were follow-up stud-

ies that we conducted after interpreting the effects we observed in the first study. Pre-empting

our findings, in the first study we observed that lists and scattered information were being

affected differently by our manipulations. We then conducted two additional studies to inves-

tigate this finding in more detail, one solely focused on lists and the other on scatters. This

approach allowed us to investigate to what extent the effects of the cognitive biases we induced

were dependent on the visual layout employed.

The trial design was inspired by a previous experiment that demonstrated that visual atten-

tion allocated to peripheral areas of a computer screen is reduced when motivational intensity

is high [20]. We built our hypotheses on this observation, adding a number of important con-

siderations to our experimental design. In our studies, we considered three different motiva-

tional state conditions: neutral, approach and withdrawal. Across the studies, we explicitly

asked participants to perform visual searches, while altering visual presentation layout at every

trial. Our trial design included a questionnaire phase and the end of each trial, providing more

granular data. This allowed us to determine whether cognitive scope manipulations affected

active visual searches, rather than incidental information. Moreover, we included psychophysi-

ological signal collection and analysis, in order to assess these signals could be used for atten-

tional bias detection, particularly in real-time systems.

Our approach sits in between basic and applied research. From a basic research perspective,

we measured the effect of motivational intensity on visual search. From an applied research

perspective, we investigated whether attentional biases can be detected via psychophysiology,

and if these biases are equally present when visual presentation layout is altered. We believe

there is a value in bridging basic and applied research: often, basic research does not provide

enough information to investigate practical problems, while purely practical, on-site studies

run with little experimental control do not provide enough detail for the investigation of the

underlying cognitive phenomena [47].

Hypotheses

The three studies we ran assessed three common hypotheses. The first hypothesis assessed

whether motivational intensity does affect visual search, and whether different visual (or

semantic) information organisation approaches are affected differentially when motivational

intensity is high. The second hypothesis explored whether motivational intensity can be esti-

mated via psychophysiological signals. Note that the second hypothesis follows from the first.

That is, estimating motivational state via psychophysiology is a valuable effort if it can be used
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to detect attentional biases. The third hypothesis is secondary; it assessed whether affective

state affects memory (it was tested after the visual search tasks were completed).

The three studies had a common structure: they were composed of a relatively large

(> 100) number of trials. Each trial started with a word search task, which consisted in cate-

gory identification. This was followed by a reward expectation phase, inducing three different

levels of motivation: neutral, approach-directed and withdrawal-directed. Several words were

then displayed on a computer monitor using different layouts, depending on the study (e.g.

listed, scattered, coloured or clustered). During this phase, the aforementioned physiological

signals were recorded: these were electroencephalography (EEG), electrodermal activity

(EDA), electrocardiogram (ECG) and electro-oculogram (the latter only used to assist in EEG

artefact rejection). We used EDA and ECG to measure activation and EEG to assess whether

increased motivation would result in frontal asymmetry. Eye tracking was employed to moni-

tor changes in visual search strategy induced by motivational manipulations. Word presenta-

tion was followed by the ‘flanker’ task, after which affective manipulations were implemented

via reward feedback, which could be positive, negative, or neutral. Participants performance in

the visual search task was assessed after our motivational and affective manipulations.

Our hypotheses are briefly outlined below. They will be reiterated in more detail after intro-

ducing the implementation of the first study—which acted as a template for the remaining two

studies—in the “Hypothesis” section.

Hypothesis 1: Motivational intensity modulates cognitive scope and interacts with

search paradigm. The first hypothesis is focused on the effect of motivational intensity on

attentional and mnemonic scope and how it interacts with visual search tasks.

We elicited high motivational intensity in two directions: approach and withdrawal (also

called avoidance). It is important to assess both directions when exploring motivation-related

phenomena on human behaviour [48]. These two conditions were compared agains a ‘neutral’

baseline, representing low motivational intensity. We expected to find a main effect of high

motivational intensity on performance, so that as it increases, performance decreases. This is

because a narrow scope would result in lowered attentional allocation to words presented in

peripheral areas [20].

A main effect of motivational intensity on eye tracking metrics correlated to attentional

scope would also support this hypothesis. For example, the amount of time spent looking at

individual words should increase when motivational intensity is high, while the average dis-

tance of gaze from the centre of the screen should decrease (to reflect a narrow attentional

scope). In other words, increased motivational intensity would induce participants in spending

more time observing the “trees” rather than the “forest” [15]. This is based on the observation

that high motivational intensity is correlated to increased attention towards a central area [20].

In our case, however, the locus of attention is relative, rather than absolute (e.g. attention is

centred around a cluster of words, rather than the centre of a computer monitor).

Central and novel to the studies presented in this paper is the potential interaction that

might arise in how search is performed and the level of motivational intensity. For example,

when information is presented in a sparse fashion (e.g. scattered), one could expect to find an

increased adverse effect of high motivational intensity. On the other hand, when words are

presented densely (e.g. listed) high motivation may be less detrimental (or even beneficial), as

a narrow scope would focus attention on a specific area of the screen, populated with words.

In Studies 2 and 3 we altered semantic density (rather than visual density) as words were

always visualised in the same way.

Hypothesis 2: Physiology is influenced by motivational intensity and predicts errors.

Hypothesis 2a. We expected our motivational manipulations to affect physiology measured

during the word search task.

Motivational intensity and visual word search
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We measured EEG Frontal Alpha Asymmetry (FAA); usage of this metric is advantageous

as it requires little computational time and could be employed in real-time systems to detect

(or prevent) attentional biases. We also measured inter-beat interval (or IBI, via ECG) and

electrodermal activity (EDA, or skin conductance).

We expected to find a main effect of motivational intensity on three variables: EEG asym-

metry was expected to increase after reward expectancy manipulations. Specifically, we

expected relative left activity to increase along with motivational intensity [46, 49]. This is

observable as an increase in right alpha band power. We also expected increases in heart rate

and in skin conductance variables, indicating sympathetic nervous system activation [40, 50,

51]. Therefore, we expected IBI and EDA to increase along with motivational intensity.

Hypothesis 2b. We also assessed the possibility of predicting performance via the afore-

mentioned physiological signals, with the addition of eye tracking. Given the exploratory

nature of this test, we tested all variables simultaneously, for all studies, correcting for multiple

comparisons. This is because we could not precisely determine which signals were most likely

to predict performance; instead, we speculated that signals could predict performance in any

direction. For example, assuming that high motivation reduces scope, we expected high sym-

pathetic nervous system activation to be correlated to lower performance. Similarly, we

expected performance to decrease as the distance of the eyes from the centre of the screen

decreases, as measured by eye tracking. EEG (as measured by alpha band power) was also

expected to correlate with performance, as, in turn, we expected it to be correlated to motiva-

tional intensity. However, as previously indicated, we could not predict which of these signals

would correlate with performance, and in which direction. Given that we corrected for multi-

ple comparisons, eventual significant findings would indicate which signal could be suitable

for automatic detection of biases induced by motivational intensity during visual search.

Hypothesis 3: Affect modulates memory and interacts with search paradigm. In addi-

tion to reward expectancy, we manipulated reward feedback to induce positive or negative

affect, in varying levels. Similarly to hypothesis 1, we tested whether this had a main effect on

performance and whether it interacted with search paradigm.

Rewards were communicated to participants after the word presentation but before assess-

ing performance. Therefore, we could only test for mnemonic biases, as our manipulation

took place after participants performed the search task.

We expected to find a main effect of reward feedback on performance. Negative affect has

been demonstrated to increase localised attention, as does high motivational intensity [3, 10].

Hence, negative rewards were expected to induce narrower scope, decreasing the number of

words remembered. Similarly to Hypothesis 1, we expected an interaction between reward

feedback and search paradigm, especially considering that the centre of attention may not

always correspond to the absolute centre of the screen. For example, sparse layouts may be

more adversely affected by narrower mnemonic biases induced by negative affect.

Study design

Design and methodology common to all three studies are outlined in this section. The sections

Study 1 to Study 3 will describe the trial structure and detail how each study differed from the

previous.

Our studies were composed of a sequence of trials (180 trials in Study 1, 108 in studies 2

and 3). Each trial comprised 6 phases. These were:

1. Category assignment: participants were given one (in Study 1) or more (studies 2 and 3)

target categories. They were instructed to memorise all words belonging to the given target

categories.

Motivational intensity and visual word search
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2. Expectancy cue: one out of three possible cues were shown to participants. These were Neu-
tral (the next trial will not be rewarded), Approach (you may gain a reward in the next trial)

or Withdrawal (you may lose money in the next trial). This 3-level variable is called Cue. It

was balanced within participants (one third of the trials were preceded by each queue, in

randomised order).

3. Word presentation: Participants were instructed to find words belonging to the target cate-

gories. Although participants were not rewarded for this task, they were instructed to per-

form it as best as they could. Words were presented to participants in various ways, specific

to each study. Words were presented using differing visual arrangements in Study 1; this

variable was called Layout. In Studies 2 and 3, the amount of categories presented simulta-

neously was manipulated; this variable was called Diversity. These variables were also bal-

anced within participants, and fully crossed with Cue.

4. Flanker: participants were instructed to press the left or right key on the keyboard as quickly

as possible, depending on the direction of a symbol shown on screen. They were told that

they would be rewarded according to their speed in responding correctly to this task. The

flanker task allowed us to manipulate motivational intensity on a trial-by-trial basis, inde-

pendently of the Cue, Layout (Study 1) or Diversity (Studies 2 and 3) variables.

5. Reward feedback: participants were awarded a small amount of money (in half Approach
trials), or lost a small amount of money (in half Withdrawal trials) or neither. Rewards were

balanced within participants and across conditions. They did not depend on reaction times

(with some exceptions, see the “Reward feedback” section). This variable is called Feedback.

6. Word recognition: A list of words belonging to the target category(/ies) was shown. Half

the words did appear during word presentation (phase 3), while the other half was used to

measure false alarms. We calculated the number of Errors participants committed in this

phase to assess the effect of the independent variables mentioned above.

Word creation. We manually created a dataset of 120 words for Study 1 and 168 words

for Studies 2 and 3. In Study 1, the 120 words were grouped in 12 categories containing 10

words each. In Studies 2 and 3, the 168 words were assigned to 14 categories, each containing

12 words. The categories were created in order to be non-overlapping, while the individual

words were selected to be non-salient; for this reason, we excluded particularly long, short or

otherwise peculiar words. Emotional words were excluded by verifying their rating in the

affective norms database in Finnish [52], or if a Finnish rating was not available, using the cor-

responding English translation [53].

Stimulus presentation. All stimuli were presented on a 22” widescreen LCD monitor,

with a refresh rate of 59 Hz and resolution of 1680 × 1050 pixels. Participants were placed at a

distance of approximately 60 cm from the monitor; the whole screen resulted in a rectangle

covering a visual angle of approximately 42.78˚ × 28.07˚. Stimuli were presented using Psy-

choPy version 1.81 [54]. Words were formed by Lucida Console characters of 20 in height, cor-

responding to a visual angle of 0.76˚. Screen background was white and words were black

(except when displayed within a condition called “colours”, present only in Study 1).

Recording apparatus. Data were recorded using a Brain Products QuickAmp recorder

(BrainProducts, Munich, Germany). We bandpass filtered data at recording, with a high-pass

of 0.01 Hz and notch filtered at 50 Hz. We recorded Electroencephalographic data from 32

electrodes, arranged using the 10-20 standard (Jasper, 1958). We recorded electro-oculograms

from the left and right eyes using two bipolar electrodes (HEOG and VEOG). During

Motivational intensity and visual word search
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recording, we used the average of all channels as reference (common reference). EEG imped-

ances were at most 15 kO (acceptable for this type of research [44, 55–58]). Note that the aver-

age impedance recorded for the channels used in the analysis was noticeably lower (M: 3.83

kO, SD: 3.41). ECG was recorded using a bipolar lead compatible with the QuickAmp

recorder. EDA was recorded using an adaptor compatible with QuickAmp auxiliary channels.

Gaze position was tracked by a RED500 eye tracker (SensoMotoric Instruments, Teltow, Ger-

many). Timing markers were sent from the stimulus presentation computer to the eye tracking

computer and EEG amplifier simultaneously using a three way (‘Y’) parallel cable, with a cross-

over (LapLink) adaptor attached to the eye tracking computer. Signal processing procedures

are detailed in the “Measures” section.

Participants

All participants were students or staff at Aalto University or Helsinki University. The study

was announced using the respective universities’ advertising services. In the invitation, pro-

spective participants were told that they would be paid a maximum of 70 € and a minimum of

20 €, depending on how their reaction times compared to other participants. All participants

were paid 70 € at the end of the experiment. Since rewards were balanced across conditions

and did not depend on reaction times, some exceptions were put in place to avoid this decep-

tion from being noticed (described in the “Reward feedback” section). Immediately after the

experiment but before being paid, participants were asked whether they believed their rewards

were being allocated fairly. Participants who replied that rewards were not fair were paid but

excluded from further analysis. Across the three studies, two participants were excluded for

this reason (one in Study 1 and one in Study 2).

All participants were native Finnish speakers, right handed, non colour-blind, with other-

wise normal or corrected-to-normal vision.

Ethics

Study design and recruitment procedures were approved by the Aalto University Ethical com-

mittee. Approval numbers 2014_18 (Study 1) and 2016_02 (Studies 2 and 3). Written consent

allowing the analysis of raw data and the publication of averaged results was obtained from

each participant.

Measures

As mentioned in the introduction, we employed measuring techniques that could theoretically

be implemented in a real time system and hence required a relatively low number of sensors

and modest computational power. These were 2-electrode EEG asymmetry, 3-sensor ECG (for

IBI), 2-sensor EDA and eye tracking. We employed 32-channel EEG at recording to perform

ICA (in order to decrease the risk of Type I errors in the subsequent analyses).

This section describes how data were analysed across all three studies. Each describes how

we calculated the variables we utilised for our statistical tests. Each variable is written in italics.

Data analysis. For all data segments, we considered physiological activity recorded only

during the word presentation phase. This was done to exclude noise caused by muscular activ-

ity from analysis, since participants were instructed to stay as still as possible during this phase

but not in the other phases (also considering that the following phase contained the flanker

task, which required rapid body movements).

In addition to the previously mentioned signals, we measured electro-oculogram (EOG)

to reject EEG trials potentially containing eye blink artefacts. Specific rejection criteria for

each signal are defined in the following subsections, while the number of participants that
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contributed to each measurement (indicated by N) is reported separately in the “Results” sub-

section of each study, along with their respective statistical test results.

EEG analysis. During analysis (i.e. after recording), EEG data were filtered with a high-

pass of 0.5 Hz and low-pass of 70 Hz and re-referenced to common average. Ocular artefacts

were removed by performing an Independent Component Analysis (ICA) back-transform in

Brain Products Analyzer 2: components which were deemed to represent vertical and horizon-

tal eye movements (typically the first two) were removed after visual inspection. EEG data

were rejected if EOG channels appeared to contain an excessive amount of noise during visual

inspection.

After recording, the data segment of interest (word presentation phase) was split into

three segments of 1 s each. Segments were rejected if the scalp electrodes contained activity

exceeding ± 200 μV (± 400 μV for EOG), in line with previous research utilising a QuickAmp

amplifier [59–62]. The median number of EEG trials rejected per participants were 5 in Study

1 (M: 11.3, SD: 24), 2 in Study 2 (M: 6.2, SD: 9) and 5 in Study 3 (M: 16.9, SD: 30). As in previ-

ous research [63], we computed a frontal asymmetry index on midfrontal electrodes (F3 and

F4), subtracting the natural log of alpha power at the left electrode from the natural log of

alpha power at the right electrode. Alpha band was defined as the average between 8 Hz–12

Hz. Power was computed using Welch’s method [64] in Matlab (pwelch), with a window size

of 75% and 50% overlap. This procedure was repeated for each valid segment of EEG data in

every trial. The average of the segments was taken as an asymmetry index for the given trial,

with higher scores indicating greater left activity. As in our previous research [44, 58], we uti-

lised resting states between trials for baselining. This is because a single baseline measurement

would not be sufficient to account for overall variability across the experiment [63]. That is,

the asymmetry index for a given trial was computed by subtracting the index measured during

the word presentation to the value measured 1 s before the start of trial itself (this time window

corresponded to inter-trial blanks, which took place after the questionnaire phase of the pre-

ceding trial ended). We called this variable FAA.

ECG analysis. ECG data were analysed to measure activation induced by motivational

intensity manipulations (i.e. by Cues). ECG data were rejected on a participant-by-participant

basis after visual inspection, before analysis. For every 3 s segment (starting from stimulus

onset), we first de-trended data by subtracting a fifth-degree polynomial fitted via least squares.

Time series data were then full-wave rectified, removing polarity. We Searched for peaks in

Matlab, using the ‘findpeaks’ function with a minimum peak distance parameter of 200 ms

and a minimum peak height parameter of 50% of the global maximum found within the given

segment. All peaks found via this method pinpointed a QRS complex in time (specifically, R

peaks). Inter-beat intervals (in ms) were calculated as the average distance between the found

peaks in the given segment. We call this variable IBI.
EDA analysis. As for ECG, EDA data were analysed during the word presentation phase

and were rejected on a participant-by-participant basis after visual inspection. EDA data were

decomposed into phasic and tonic signals using Ledalab [41]. Given that average phasic activ-

ity (as computed by Ledalab) is mostly contained within a 1 s–4 s window from stimulus

onset, Integrated Skin Conductance Responses (ISCR, in microsiemens, or μS) were calculated

by summating phasic activity from 1 s to 4.0 s after the beginning of the motivational manipu-

lation. Dividing the obtained summation by the number of samples per second in each seg-

ment resulted in a μS/s (microsiemens per second) measurement for each trial. This variable is

called ISCR.

Eye tracking analysis. We calculated three eye tracking variables per trial. These were 1)

Gaze duration (total dwell time on word) 2) Words skipped (words not seen per trial) and 3)

Radius (average distance of on-screen gaze position from the screen’s centre).
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There were 2 conditions that had to be satisfied in order to mark a word as ‘seen’. 1) Given

that the human eye can identify words within approximately 3 (horizontally) and 5 (vertically)

degrees of visual angle [65], the participant’s estimated gaze had to fall within a rectangle sur-

rounding the given word, measuring approximately 5.53˚ × 3.83˚ of visual angle (correspond-

ing to 5.8 cm by 4 cm, or 200 by 150 pixels). 2) The estimated gaze had to stay within an inner

square covering 2.76˚ of visual angle (corresponding to a side of 2.9 cm, or 100 pixels) for at

least 50 ms; this indicated a fixation [66]. The total time spent within the inner rectangle

defined our Gaze duration metric.

At the trial level, we calculated the mean distance of gaze from the centre of the screen by

applying Pythagoras’ theorem to eye tracking coordinates; this variable was called Radius. Eye

tracking data were rejected at the participant level when calibration accuracy under 1˚ could

not be achieved. Moreover, data from individual trials were rejected if no eye movements were

detected for least 80% of the trial duration. Data points indicating positions of 0, 0 (exactly the

middle of the screen) were considered missing, as SMI eye trackers use this value to indicate

data absence.

Performance. For each trial, we measured performance by calculating the overall number

of Errors, based on the answers given in the recognition phase of the given trial. Errors were

defined as the number of false alarms (words belonging to the target category, but not actually

presented during the trial) plus misses (shown in the given trial, but not reported as seen by

the participant).

Statistical analysis. We organised our data in two tables: one containing trial-level data

(ECG, EDA, EEG, number of words skipped, mean gaze distance from centre of the screen,

errors, etc.) and one containing eye-tracking word level data (e.g. gaze duration for that word,

whether word was seen, or remembered). As previously mentioned in the “Study Design” sec-

tion, all our tests were within-participants: each participant performed the task under all con-

ditions we tested.

Our hypotheses (reiterated later in each study-specific “Hypotheses” section) were tested by

fitting a generalised mixed model to the data. The hypotheses were formulated a priori by

examining the literature previously presented in this paper. We reported all results, whether

statistically significant or not. Bonferroni correction was applied to all p-values related to the

same hypothesis, within the same study.

We applied two-level testing. Firstly, we fitted a linear model in Matlab using the ‘fitglme’

function. Secondly, we performed an ANOVA on the resulting model (in Matlab:

lmg = fitglme(. . .); anova(lmg)). Thirdly, only if the top-level ANOVA test was sig-

nificant at a Bonferroni corrected alpha of .05, we reported the individual factor effects result-

ing from the first test. The individual effects p-values were also Bonferroni corrected.

We corrected for 5 comparisons when testing Hypothesis 1 in Study 1 (1 test on Errors + 3

tests on eye tracking variables + 1 test on Outlier hits) 4 comparisons when testing Hypothesis

1 in Studies 2 and 3 (which did not include Outlier hits), 3 comparisons for the correlation

between motivational intensity and physiology of Hypothesis 2a (ISCR, IBI and FAA), 12 com-

parisons for the exploratory prediction of errors via physiology in Hypothesis 2b and 1 com-

parison in Hypothesis 3 (no correction, since we only performed one test on Feedback).

Response variable distribution was specified as the type of distribution that most closely

represented the probability density of our response variable. We selected the Poisson distribu-

tion for Errors and Words skipped. The binomial distribution was selected for Outlier hits (spe-

cific to Study 1, see the “Eord presentation” section). Non-normally distributed variables (IBI
and ISCR) were log-normalised. Predictors were specified as fixed effects and participant num-

bers as random effects. Using this method, we calculated t-statistics and p-values.
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Means and standard deviations were calculated separately for each test. Effect sizes were cal-

culated using requivalent, given that no standardised method has yet been accepted for use on

mixed models [67]. Similarly to means and standard deviations, requivalent scores were calcu-

lated separately for each statistical test we conducted [68], using the Measures of Effect Size

(MES) toolbox for Matlab [69].

Additional analyses

The analyses discussed in this section were not devised as part of our original design. Instead,

their inclusion was suggested by the reviewers of the present article in order to support its find-

ings. The results of these analyses will be reported in the “Additional analyses” section, along

with the summarised results of the three studies.

Parietal alpha. Parietal EEG alpha power is considered to be inversely correlated to cogni-

tive and memory load [70–72]. We measured alpha power for two reasons. Firstly, we were

interested whether load was higher during the word search phase, when compared to baseline.

Secondly, to assess the effect of Diversity (a variable present only in Studies 2 and 3).

We measured alpha power using the same parameters we used for asymmetry (Welch’s

method, 1 second time windows, power between 8 and 12 Hz) except that we only considered

the Pz electrode. To assess the overall effect of the word search task, we compared trial-level

baseline alpha power indices against the middle second of the word search task indices in a

paired t-test. The test was performed within participants (e.g. in Study 1 a single test involved

180 pairs, assuming no rejected trials). We repeated the test for each participant, counting the

number tests that were significant at alpha .05. The tests were one-tailed, with the alternative

hypothesis being that baseline alpha power would be greater than word search task alpha

power (against the null hypothesis that their means were equal). To assess parietal alpha Diver-
sity, we utilised a generalised model test (the same method we used to assess asymmetry for

Cue) on Pz alpha power when compared to baseline.

Spill-over effect. We run this test to measure the effect of reward feedback on the follow-

ing trial, rather than the trial during which it was presented. The test parameters were other-

wise the same we used for our main reward feedback hypothesis (Hypothesis 3). That is, we

tested the effect of Feedback on Errors committed in the following trial using a generalised lin-

ear model (resulting in 179 tests for participant in Study 1, for example).

Eye-tracking calibration. We also performed a test to assess whether the fact that we per-

formed only one calibration session at the start of each experimental session had a detrimental

effect on eye tracking accuracy. We measured the average distance between gaze position and

the closest word shown on screen, for every trial. Similarly to our other tests, we utilised a gen-

eralised linear model to assess the effect of the trial number on the distance of gaze from the

closest word.

Study 1

We assessed the effect of high motivational intensity in opposing directions (i.e. approach and

withdrawal) against low motivational intensity, using three reward expectancy cues (called

Approach, Withdrawal and Neutral, respectively). Moreover, given that reward outcomes have

not been previously shown to greatly affect memory using three levels [20], in our studies we

considered five reward levels. These were Neutral, Gain, Loss, Nongain and Nonloss. We

employed five different visual search paradigms; these were called Scatter, Clusters, Clusters +
outlier, List, Colours) and are described in more detail in the “Word presentation” section.

This first study can be described by a 3 (Cue) × 5 (Layout) × 3 (Feedback) fractional factorial

design, in which the Cue and Layout factors were fully crossed (reward outcomes were not
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fully crossed as money could only be gained after reward cues and could only be lost after pun-
ishment expectancy cues).

As previously indicated in the “Studies” section, this design may resemble ‘Experiment 1’

described in [20], but presents a number of important differences. Firstly, our design considers

motivational direction (approach versus withdrawal). Secondly, we included five (instead of

two) visual presentation layouts. Thirdly, considered five (instead of two) possible reward out-

comes. Fourthly, the implementation of our flanker task (used to manipulate motivational

intensity) was more complex, as described in the “Flanker task” section. Fifthly, we included

EEG, EDA, ECG and eye tracking in our experimental design. Sixthly, participants were

explicitly instructed to perform a search. These important differences allow us to investigate

interactions between motivational intensity, affect, visual search and physiology.

Method

This experiment was composed of 180 trials (plus an additional 10 practice trials), split into

four blocks by three breaks, one every 45 trials. Each break lasted as long as the participants

desired. As previously stated in the “Study design” section, each trial comprised six phases: 1)

Category assignment 2) Expectancy cue 3) Word presentation 4) Flanker 5) Reward feedback

6) Word recognition. This structure, along with the duration of each item and interstimulus /

intertrial intervals is depicted in Fig 1. Each phase is described in more detail in the following

subsections.

Category assignment. Each trial began with a category assignment screen, asking the par-

ticipant to memorise words belonging to a specific category (e.g. “look for words belonging to

the buildings category”). This category is called target in this paper, while any words that do

not belong to this category are called irrelevant. These rules applied only to the current trial

(participants were instructed about this during practice). Given that each cue / category com-

bination was repeated 12 times, categories were paired so that every category could be selected

exactly once as a target (and once as irrelevant) for every repetition. This procedure generated

the 180 category assignments that were used in the 180 trials that composed the experiment (3

Cue × 5 Layout × 12 repetitions). The final trial ordering was shuffled, with the condition that

every subsequent trial had to employ both different target and irrelevant categories (so that

words belonging to the same category could not be displayed twice in adjacent trials).

In total, there were 12 possible categories (translated from Finnish, the original language of

the experiment): buildings, vehicles, clothes, furniture, landscapes, chemical elements, fruits,

body parts, animals, musical instruments, spices, stationery. Each category contained 10

words, all singular nouns of similar length.

Expectancy cues. Expectancy cues were presented as light grey (75% white) filled shapes

contained within a square covering a visual angle of 6.68˚ (corresponding to a side of 70 mm

Fig 1. Trial structure, Study 1. Visual depiction of the trial structure described in the “Method” section. In this example, the circle was

associated to a possible gain (reward) and a reward was eventually allocated. All trials followed this structure. Above each phase, the variable

name of interest is shown in italics. Asterisks mark phases during which Study 1 differed from studies 2 and 3.

https://doi.org/10.1371/journal.pone.0218926.g001

Motivational intensity and visual word search

PLOS ONE | https://doi.org/10.1371/journal.pone.0218926 July 23, 2019 12 / 36

https://doi.org/10.1371/journal.pone.0218926.g001
https://doi.org/10.1371/journal.pone.0218926


or 100 pixels). The three cues were a triangle, a square and a circle. Each symbol indicated to

the participant that in the current trial, a reward may be given if response to the flanker was

faster than the average response of all participants (Approach), a negative reward may be given

after a slower response (Withdrawal), or no reward would be given (Neutral). As previously

indicated, rewards were eventually balanced and did not depend on participants’ reaction

times (given some exceptions listed in the “Reward feedback” section). The meaning of each

symbol (triangle, square and circle) was counterbalanced across participants. Ten practice tri-

als allowed participants to familiarise with the meaning of each symbol. The three expectancy

cues were evenly split across the 180 trials, in randomised order.

Word presentation. We organised information in either concentrated or scattered

approaches, and with or without visual category identification. We call this variable Layout.
The five possible layouts (displayed in Fig 2) were:

• Scatter: words were pseudorandomly scattered across the screen (sparse layout without cate-

gory identification).

• Clusters: words were visually clustered according to their category (concentrated layout with

category identification). This was done by drawing an invisible ellipse that encircled approxi-

mately half the screen. Words from each category were placed around two antipodal points.

• Clusters + outlier: similar to clusters but with an outlier word (concentrated layout with cate-

gory identification). One word, called the outlier, was swapped with another so that a target

Fig 2. Word arrangements, Study 1. Example of word presentation layouts (conditions). A: Scatter and B: Colours (apart from using colours,

both conditions shared exactly the same parameters). C: Clusters. D: Clusters + outlier. E: List.

https://doi.org/10.1371/journal.pone.0218926.g002
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word appeared in the irrelevant cluster. This condition was introduced to examine the effect

of motivational intensity on attention for peripheral details (in this case, the outlier word).

• Colours: words were pseudorandomly scattered across the screen, colour-coded according

to their category (sparse layout with category identification). The two possible colours

(assigned at random) were: dark blue and dark green (their RGB 0-255 codes were respec-

tively 31,120,180 and 51,160,44). These colours were the two darkest colours generated by

ColorBrewer 2.0 when requesting a colour set for four paired, colourblind-safe, qualitatively

separated data classes [73]. This condition was used as an alternative method to encode cate-

gory affiliation, as opposed to the previously described visual clusters. Colour has been

shown to greatly influence efficacy of visual search when compared to other ways to alter the

graphical appearance—eg luminance or chroma [74].

• List: words were aligned so that they were horizontally centred and equally distributed verti-

cally (concentrated layout without category identification). Positions were arranged in

ascending alphabetical order. This condition was included as ordered lists are commonly

used in visual search tasks.

Care was taken to avoid particularly salient words. In all conditions (except list, in which

their vertical position was equally distributed across the screen) words were separated by

approximately 86˚ of visual angle (corresponding to 90 mm or 128 pixels).

Flanker task. After word presentation, the flanker stimulus was shown to participants. It

was composed of five ‘<’ and ‘>’ characters, with the direction of each selected at random.

Participants were told to press the left or right keyboard arrow corresponding to the direction

of the middle character as quickly as possible so that they could be rewarded (after seeing the

Approach cue) or not punished (after seeing the Withdrawal cue). The flanker was displayed at

the centre of the screen.

To verify that our motivational manipulations were effective, we performed two paired t-

tests on a participant-by-participant basis. We tested reaction times to the flanker after Neutral
cues were shown against Approach and Withdrawal. The tests were one-tailed (the alternative

hypothesis was that reaction times after Approach and Withdrawal were less, or faster, than

after Neutral). The null hypothesis was rejected in all cases (80/80), indicating that our manip-

ulations were indeed effective.

Reward feedback. After the flanker, participants received reward feedback. They could

either gain 0.40 € (if fast enough, after Approach cues), lose 0.40 € (if slow, after Withdrawal
cues) or neither. Rewards were pseudorandomly balanced so that half Approach trials would

result in money being received and half Withdrawal trials would result in money being lost,

the remaining half receiving no reward. All Neutral trials were followed by Neutral feedback

(no money lost nor gained).

Some exceptions were put in place: during initial pilot testing, most participants noticed

that rewards were being manipulated. For this reason, we made sure to reward very fast

responses and punish very slow responses. Similarly, pressing the wrong arrow key always

resulted in negative rewards. We defined the reaction time threshold as 1.5 standard deviations

of the current participant’s reaction time distribution. We implemented these exceptions so

that rewards were balanced (e.g. allocating a Gain because of a very fast reaction would result

in a subsequent Gain trial being replaced with a Nongain). This ensured that very few partici-

pants noticed the reward manipulation (two across all studies). At the end of the experiment,

participants were asked if they noticed anything “strange” about reward allocation. Participants

Motivational intensity and visual word search

PLOS ONE | https://doi.org/10.1371/journal.pone.0218926 July 23, 2019 14 / 36

https://doi.org/10.1371/journal.pone.0218926


who responded yes were discarded. We also intended to reject any participant who failed to

reach 90% accuracy in flanker response, but in practice this threshold was never passed.

In total, the Feedback variable comprised five levels: Neutral (no reward when no reward

was possible), Gain (positive reward in Approach trials), Nongain (negative reward in

Approach trials), Nonloss (positive reward in Withdrawal trials) and Loss (negative reward in

Withdrawal trials). This ensured that rewards were coded according to expectations, rather

than outcome alone, as suggested by [75].

Word recognition. At the end of each trial, participants indicated which words they saw

during the preceding word presentation phase. Ten words belonging to the target category (5

shown and 5 not shown) were displayed in a randomised list at the centre of the screen. Partic-

ipants responded “yes” or “no” for each word by using the left and right arrow keys. Partici-

pants were allowed to make corrections to their responses by pressing the up and down arrow

keys and re-entering a response until the end of the questionnaire phase (which ended 1 sec-

ond after their last answer). This was the last phase for each trial, and was used to measure per-

formance (i.e. Errors) for the given trial.

Participants. Data were collected from 40 participants (20 female). The number of partic-

ipants is in line with our previous research employing within-participants design [44, 58, 76].

Their age ranged between 47 and 19 years (M: 25.70, SD: 6.27). An additional participant

(whose data were discarded) noticed that rewards were not being awarded fairly.

Hypotheses

Hypothesis 1: Motivational intensity modulates cognitive scope and interacts with

search paradigm. We expected to find a main effect of Cue on Errors. This factor (Cue) had

three levels, specified as nominal in our linear mixed model: Neutral, Approach and With-
drawal. We expected Approach and Withdrawal cues to decrease performance. Layout was

coded as a covariate in this analysis, since category identification was easier under the Colours,
Clusters and Clusters + outlier layouts.

We also expected to find a decreased number of Outlier hits in the Clusters + outlier condi-

tion committed after Approach and Withdrawal motivational cues, when compared to Neutral.
That is, a relatively broad cognitive scope (associated to the Neutral cue), is expected to facili-

tate attentional and mnemonic allocation to the outlier word.

All three eye tracking variables were also expected to correlate with motivational cues.

Radius was expected to be narrower after Approach and Withdrawal cues, when compared to

Neutral. Gaze duration was expected to increase when motivational intensity was high (as

more attention is paid to the “trees” rather than the “forest”). We also expected more words to

be skipped after high motivation cues.

We also expected to find an interaction between Cue and Layout on Errors: a subset of

visual arrangements may facilitate performance when they match the participants’ motiva-

tional state. Concentrated information might be less attended to when motivational intensity

is low. The Layout factor was specified as nominal, and comprised five levels (one for each

visual presentation layout).

We applied Bonferroni correction for 5 comparisons, corresponding to the total number of

tests we performed.

Hypothesis 2: Physiology is influenced by motivational intensity and predicts

errors. 2a. We predicted a main effect of Cue on FAA (asymmetry), IBI, ISCR. More specifi-

cally, we expected Approach and Withdrawal to increase activation (decrease IBI and increase

ISCR). Affects high in motivational intensity are expected to raise left hemispherical activity,

increasing the FAA variable.
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2b. We also investigated how physiology predicts performance. We tested the effect of FAA,

IBI, ISCR and Radius on Errors. We assumed that since motivational intensity affects both per-

formance and physiology, physiology should then predict performance. Because of the explor-

ative nature of this test, we Bonferroni corrected all obtained p-values for 12 comparisons (4

variables × 3 studies).

Hypothesis 3: Affect modulates memory and interacts with search paradigm. We

expected to observe a main effect of Feedback on Errors. The Feedback factor comprised five

levels: Neutral, Gain, Nongain, Loss, Nonloss. Negative rewards (Nongain, Loss) were

expected to increase the number of Errors, decreased instead by positive rewards (Gain,

Nonloss). We also expected the magnitude of the effect to be higher for the most positive and

most negative outcomes (e.g. Loss should increase errors more considerably than Nongain,

see [75]).

A Feedback × Layout interaction on Errors was also predicted: negative rewards may reduce

performance more evidently when information is displayed in sparse arrangements (e.g. ran-

dom) whereas positive rewards may facilitate memory when utilising sparse visualisations.

Results

All results obtained from Study 1 related to each hypothesis are listed in this section. Results

from all studies will be summarised in the final section of the paper (Tables 1 to 3).

Hypothesis 1: Motivational intensity modulates cognitive scope and interacts with

search paradigm. Overall, the average number of errors committed per trial after Neutral
cues (M: 3.15, SD: 1.51) was less than that committed after both motivational cues. Errors

increased after both the Approach (M: 3.40, SD: 1.74), t(7185) = 2.67, p = .040, requivalent = -.15,

N = 40 and Withdrawal (M: 3.53, SD: 1.85), t(7185) = 3.20, p = .005, requivalent = -.22, N = 40

cues.

Table 1. Hypothesis 1: Summary of effect of motivational cues on errors, all studies.

Study 1 Study 2 Study 3

Factor p ‡ req. p † req. p † req.
Approach 0.040 .15 >0.2 >0.1

Withdrawal 0.005 .22 0.004 .25 0.032 .40

Interaction� >0.5 0.016 .80 >0.3

� Study 1: Cue × Layout. Studies 2 and 3: Cue × Diversity.
‡ Study 1: p-values Bonferroni corrected for 5 comparisons.
† Studies 2 and 3: p-values Bonferroni corrected for 4 comparisons.

https://doi.org/10.1371/journal.pone.0218926.t001

Table 2. Hypothesis 2a: Summary of effect of cues on physiology, all studies (p-values Bonferroni corrected for 3 comparisons).

Study 1 Study 2 Study 3

Factor p req. p req. p req.
IBI
Approach <.001 -.42 0.120 >0.2

Withdrawal <.001 -.27 >0.3 0.024 -.40

ISCR
Approach <.001 .37 >.500 0.003 .43

Withdrawal <.001 .32 >.500 >0.1

FAA >.500 >.500 >.500

https://doi.org/10.1371/journal.pone.0218926.t002
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Eye tracking data showed that the mean distance of the eye from the centre of the screen, in

pixels, (Radius) was larger after the Neutral cue (M: 441.59, SD: 29.21), being shorter after the

Approach cue (M: 403.51, SD: 69.91), t(5820) = -7.27, p< .001, requivalent = -.41, N = 33 and the

Withdrawal cue (M: 409.35, SD: 72.55), t(5820) = -7.16, p< .001, requivalent = -.35, N = 33. Par-

ticipants also skipped (did not read) a larger number of words per trial when compared to the

Neutral cue (M: 1.70, SD: 0.61), skipping more after both the Approach cue (M: 2.16, SD: 1.32),

t(2324) = 4.78, p< .001, requivalent = .26, N = 33 and the Withdrawal cue (M: 2.12, SD: 1.36),

t(2324) = 4.01, p< .001, requivalent = .23, N = 33. Gaze duration (average time spent looking at

every single word in one trial, in milliseconds) increased after the Approach cue (M: 520.06,

SD: 263.27), t(18613) = 3.59, p = .001, requivalent = .14, N = 33, when compared to the Neutral
cue (M: 467.73, SD: 45.93).

We found a significant Cue × Layout interaction on gaze data, involving the Scatter and List
layouts. In summary, Scatter was correlated to more reduced Radius after Approach (M: 416.57

pixels, SD: 71.03) when compared to Neutral (M: 451.10, SD: 33.15), t(5808) = 4.29, p< 0.001,

requivalent = -.38, N = 33. For List, Radius was slightly less constrained: (M: 195.14, SD: 34.90)

was observed after Approach and (M: 205.06, SD: 29.94) requivalent = -.26 after Neutral.
We found no significant effect of Cue on whether the outlier word within the Clusters + out-

lier condition was remembered (p = 0.110). It is also worth noting that we found no significant

difference in overall performance between Colours and Clusters and no significant interaction

between the Cue and Layout factors on Errors.
All tests were Bonferroni corrected for 5 comparisons, which corresponds to the total num-

ber of tests performed to assess this hypothesis.

Hypothesis 2: Physiology is influenced by motivational intensity and predicts

errors. 2a. ISCR and IBI were strongly correlated to participants’ motivational states elicited

by the cues we employed. ISCR was higher, suggesting increased sympathetic nervous system

activation after both the Approach (M: 65.17, SD: 55.51), t(6468) = 6.24, p< .001, requivalent =

.37, N = 36 and Withdrawal (M: 65.26, SD: 58.33), t(6466) = 2.18, p< .001, requivalent = .32,

N = 36 cues, when compared to Neutral (M: 55.28, SD: 44.91). IBI was shorter, again suggest-

ing increased activation, after both the Approach cue (M: 794.17 ms, SD: 111.77), t(6467) =

-6.22, p< .001, requivalent = -.41, N = 36 and the Withdrawal cue (M: 797.40 ms, SD: 116.33),

t(6467) = -4.93, p< .001, requivalent = -.27, N = 36, when compared to the Neutral cue (M:

808.85 ms, SD: 114.42). All p-values were corrected for 3 comparisons. EEG alpha asymmetry

(FAA) did not significantly correlate to motivational intensity in this study (p> .5).

2b. Exploratory prediction of errors using all 4 physiological variables (Bonferroni cor-

rected for 12 comparisons, as described in the “Hypotheses” section in the introduction) was

only significant for Radius. The highest half of Radius (representing broader attention) was

associated to fewer errors (M: 3.27, SD: 1.46), t(5821) = -11.46, p< 0.001, requivalent = .29,

N = 33 than the lowest half: (M: 3.72, SD: 1.76).

Table 3. Hypothesis 2b: Predicting errors via physiology, all studies and metrics (Bonferroni corrected for 12 comparisons). In two studies (1 and 3) higher Radius
was correlated to less errors. In Study 3, Increased arousal (shorter IBI) was correlated to less errors.

Study 1 Study 2 Study 3

Factor p req. p req. p req.
IBI >.500 >.500 0.004 .14

ISCR >.500 >.500 0.070

Radius <.001 -.29 >.500 0.006 -.25

FAA >.500 >.500 >.500

https://doi.org/10.1371/journal.pone.0218926.t003
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Hypothesis 3: Affect modulates memory and interacts with search paradigm. Out of

the four possible non-neutral rewards (Gain, Loss, Nongain, Nonloss), two (Nongain and Non-
loss) were associated to an increased number of errors per trial. In detail, when compared to

the Neutral reward (M: 3.15, SD: 1.51), more errors were committed after a Nongain reward

(M: 3.55, SD: 1.73), t(7175) = 2.927, p = 0.003, requivalent = .24, N = 40 and after a Nonloss
reward (M: 3.42, SD: 1.84), t(7175) = 3.90, p< 0.001, requivalent = .15, N = 40.

A significant Feedback × Layout interaction on number of errors per trial was found (p<
.001). The interaction can be described as follows. In the baseline condition (Scatter), small

increases of errors were associated to Loss rewards (M: 3.70, SD: 2.09) requivalent = .10, Gain (M:

3.64, SD: 2.04) requivalent = .08 rewards and Nonloss rewards (M: 4.07, SD: 1.90) requivalent = .27,

when compared to Neutral rewards (M: 3.47, SD: 1.58). The increase in errors due to Loss
rewards was significantly greater for the List layout (M: 4.32, SD: 1.88), t(7175) = 2.44,

p = 0.015, requivalent = .34, N = 40 and the Colours layout (M: 3.18, SD: 1.94), t(7175) = 2.40,

p = 0.016, requivalent = .27, N = 40 (consider that the Colours layout was easier for participants,

resulting in less average errors per trial after Neutral rewards (M: 2.60, SD: 1.59)). The Colours
layout was also associated to a relative decrease in errors after Gain rewards were presented

(M: 2.38, SD: 1.93), t(7175) = -1.99, p = 0.047, requivalent = -.10, N = 40. The Clusters + outlier
layout saw a limited increase in number of errors following Nonloss rewards (when compared

to the Scatter layout) (M: 3.43, SD: 2.08), t(7175) = 2.44, p = 0.015, requivalent = .03, N = 40.

Discussion. The first observation of this study is that motivational intensity, in both direc-

tions, narrowed visual attentional scope during the word search task. The effect of Withdrawal
was stronger than that of Approach. This observation is supported by eye tracking data, which

indicates that visual attentional scope narrowed as motivation increased: more attention was

allocated to the central areas of the screen, gaze duration increased along with the number of

words not read per trial. Hence, we attribute the increased number of errors after induction of

high motivational intensity to visual narrowing of attention. No Cue × Layout interaction was

found on Errors, unlike our prediction. However, a two-way interaction between List and Scat-
ter was found on Radius, suggesting that the effect of motivational intensity on visual search

varies depending on whether a list or a scatter is being displayed.

We interpret low IBI and high ISCR (measured to assess Hypothesis 2) as increases in acti-

vation (arousal). Given that arousal is expected to be particularly heightened by monetary

rewards [80], this effect was not surprising. Contrary to our hypothesis, physiology (apart

from eye tracking) did not directly predict errors. Nevertheless, the lack of a direct correlation

between physiological variables related to activation and Errors suggests that reduced visual

cognitive scope was mostly responsible for decreased performance. In other words, while

arousal was elicited in expectation of the rewards, it did not directly influence performance or

visual search strategy. The strong correlation between physiological variables and motivational

intensity we found in our experiment indicates that it would be possible to infer arousal via

ECG and EDA while performing visual searches. However, care must be taken in performing

such reverse inferences; while motivational intensity can induce arousal, the reverse is not nec-

essarily true. Combining arousal with eye tracking data into a single predictor would be more

informative as all these metrics showed robust correlations to motivational intensity, given

that Radius did predict errors. We attempted to further investigate these findings in the follow-

ing two studies.

EEG asymmetry analysis did not yield significant results, preventing the prediction of moti-

vational intensity from the FAA signal. This might be due to the difficulty of the task, as alpha

activity is generally inversely correlated to brain activity, especially under high memory load

[81]. This suggests that more computationally intensive analysis would be required to reveal

correlations between EEG and motivational intensity when performing visual word searches.
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We also observed an interaction between Layout and Feedback. Relatively more errors were

committed after losses under the List and Colours conditions. This could be interpreted as a

suppression of associative memory related to contextual information presented within the Col-
ours and List layouts, induced by negative affect (Loss). Similarly, relatively less errors where

committed in the Colours and Clusters + outlier condition after positive rewards (Gain and

Nonloss. This suggests that that both positive and negative rewards affected memory, although

the effect of negative rewards was more pronounced. These findings support dual-processing

models in which negative affect (or stress) impairs hippocampal-dependent associative mem-

ory [78, 79]. That is, it has been previously indicated that negative affect at retrieval can impair

associative memory without reducing memory for the task-relevant items themselves [77, 82].

This is particularly relevant for our context: in our case, we consider contextual information

the colour of a word or its position within a list, which is not strictly task-relevant information.

Consistently with this interpretation, our effect was also observed at retrieval since we pre-

sented reward feedback after the word search phase (which corresponded to the encoding

phase).

In conclusion, Study 1 indicated that motivational intensity modulates attentional scope by

altering visual search strategies. Among the five layouts we employed, we observed interactions

between two of them: the Scatter and List conditions (on Radius and Feedback-induced errors).

This suggests that these two styles of visualisation were differently affected by our manipula-

tions. These two styles of visualisation are heavily used in computer systems, as mentioned in

the introduction. Lists are ubiquitous, while scatters (such as tag clouds) have seen a rise in

popularity in recent years [83]. Scattered information is also used in specialised visualisations

for which lists would be ineffective (such as flight and naval control systems or star charts).

Moreover, some systems display information using both a list and a scatter [29]. This led us to

the development of the further two studies presented in the following sections, which focused

on assessing whether motivational intensity and affect modulate visual search and physiology

independently of visual presentation layout, and whether their effects are more pronounced

when employing lists or scatters alone.

Study 2

The previous study indicated that visual search and physiology are affected by motivational

intensity, while affect (especially negative) influences memory at retrieval. It also indicated that

visual search strategy, as measured by eye tracking variables, may not be equally altered by

motivational intensity depending on whether information is presented within lists or scatters.

In this study, we investigated how motivational intensity affects visual search only when

performed on lists, while the following study focused on scatters. Given that visual presenta-

tion layout is now fixed, we instead manipulated search paradigm by altering the amount of

target categories. Participants were asked to identify words belonging to a number of target

categories that varied from 1 to 3. We call this variable Diversity (information diversity).

Manipulation of Diversity is of interest to us since motivational intensity has been previ-

ously linked to conceptual scope [84]. Although, note that this research has been recently

involved in a controversy [85], raising the importance of its replication. Moreover, working

memory requirements have been shown to adversely affect visual search performance [86],

suggesting that altering Diversity may differentially affect visual search strategy. In addition,

working memory requirements may differentially affect lists or scatters. Manipulating Diver-
sity has the added benefit of allowing assessment of linear effects in our hypothesis tests; that

is, Diversity was treated as a numerical variable in our models in studies 2 and 3, whereas the

Layout variable in Study 1 was nominal.
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Method

The general trial structure was unchanged from Study 1. Three trial phases differed from

Study 1: category assignment, word presentation and flanker. The three phases discussed

below are marked with asterisks in Fig 3, which depicts this study’s trial structure.

Category assignment. During the category assignment phase, participants were

instructed to identify words belonging to one, two or three target categories. The number of

target categories was pseudorandomly selected and balanced across trials, within participants.

The resulting design was a 3 × 3 × 3 (Cue × Diversity × Feedback) fractional factorial design, in

which the Cue and Diversity factors were fully crossed. As in Study 1, we repeat each combina-

tion of the two fully crossed factors (Cue and Diversity) 12 times, resulting in 108 trials (3 × 3 ×
12). The lower number of trials was compensated by longer trial length: words were presented

for 5 s instead of 3 s.

We raised the number of categories from 12 to 14 for this study, by splitting the “animals”

category into “birds” and “mammals” and by adding the “building tools” category (“työkalut”

in Finnish). Since multiple categories could be displayed in a single trial, the only constraint in

category selection was that the same target category could not be used twice in adjacent trials

(in Study 1, the same category could not be used as neither target nor irrelevant in two adjacent

trials).

Word presentation. Words were only presented in a list, uniformly distributed over the

vertical axis of the monitor and centred horizontally. Word presentation duration was

increased from 3 s to 5 s. We presented 12 words instead of 10 to allow at most 6 categories in

total to be displayed with 2 words for each. This duration was determined after pilot testing,

during which we aimed at an average recognition accuracy of 75% per participant.

An additional difference from Study 1 is that words were presented in random order, rather

than alphabetical, to ease comparisons with Study 3.

Flanker task. In Study 1 we always presented the flanker at the centre of the screen, as

done in previous experiments (e.g. [20]). A possible confound in this approach is that high

motivation might provoke an anticipatory narrowing of attention towards the centre of the

screen due to the flanker’s location. To reduce this possibility, in Studies 2 and 3 we presented

the flanker in a randomly selected quarter of the screen. As with Study 1, we verified that par-

ticipants were motivated by our manipulations by performing a one-tailed t-test on reaction

times to flanker stimuli after the Neutral cue against the Withdrawal and Approach cues. Once

again, the null hypothesis was rejected in all cases for both Studies 2 and 3.

Hypotheses. The high level interpretation of our hypotheses was kept unchanged from

Study 1. In Studies 2 and 3, visual search paradigms were manipulated using an independent

variable called Diversity (replacing Layout). Diversity was coded as a numeric variable.

Fig 3. Trial structure, Study 2. The structure was similar to Study 1; asterisks mark the three phases in which the design differed from the first

study. The differences were: 1) multiple categories were assigned 2) 12 words were presented, for a longer time, always using the same layout

and 3) the flanker was displayed in a randomly selected quarter of the screen. This design was nearly identical to that employed in Study 3,

which differed only in the arrangement of keywords. Above each phase, variable names of interest are indicated in italics.

https://doi.org/10.1371/journal.pone.0218926.g003
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• Hypothesis 1: motivational intensity modulates cognitive scope and interacts with search

paradigm. We expected a main effect of Cue on Errors and eye tracking variables (Radius,
Gaze duration and Words skipped). Diversity was a covariate in these tests, since a low num-

ber of categories can be more easily parsed and remembered. We also expected that a larger

(vs. smaller) number of target categories would be more easily parsed and encoded into

memory, especially when current attentional scope is broad (vs. narrow). Hence, we

expected narrow-scope inducing cues (Approach and Withdrawal) to further increase the

number of errors committed as Diversity increases, resulting in an interaction.

• Hypothesis 2: physiology is influenced by motivational intensity and predicts errors. This

hypothesis was tested identically to Study 1. We assessed the effect of Cue on FAA, IBI and

ISCR (Hypothesis 2a). We also explored the possibility of predicting Errors from FAA,

Radius, ISCR and IBI (Hypothesis 2b).

• Hypothesis 3: affect modulates memory and interacts with search paradigm. Similarly to

Study 1, we expected a main effect of Feedback on Errors and an interaction between Feed-
back and Diversity on Errors.

Participants. Twenty people (8 female) participated in the experiment. Their age ranged

between 34 and 19 years (M: 26, SD: 4.69). The number of participants was decided after veri-

fying that the results we obtained from Study 1 did not change, despite halving the number of

participants. Data from one of these participants (a 25 years old male) were discarded as the

participant noticed that rewards were not being awarded fairly.

Results

Study 2 results are displayed below, ordered by hypothesis. Results from all studies are summa-

rised in the final section of the paper and in Tables 1 to 3.

Hypothesis 1: Motivational intensity modulates cognitive scope and interacts with

search paradigm. A significant effect of Withdrawal cues was found, so that participants

committed more errors (M: 7.14, SD: 1.61), t(2046) = 3.23, p = 0.004, requivalent = .25, N = 18

when compared to Neutral cues (M: 6.88, SD: 1.46).

Cues significantly interacted with diversity. Participants committed a higher number of

errors as diversity increased, after Neutral cues. This increase was due to the higher difficulty

of remembering more categories. However, the increase in errors was less pronounced after

Withdrawal cues. In detail, the lowest number of errors was found in the pair of Neutral cue

and one target category (M: 5.18, SD: 1.60). The errors where highest in Neutral and three tar-

get categories than all other combinations (M: 8.62, SD: 1.32). This resulted in a significant

interaction with Withdrawal, (M: 8.41, SD: 1.43), t(2046) = -2.87, p = 0.016, requivalent = .80,

N = 18.

Eye tracking data showed a reduced distance of gaze from the centre of the screen (Radius)
after the Approach (M: 243 pixels, SD: 53), t(1776) = -4.33, p< 0.001, requivalent = -.29, N = 17

and Withdrawal (M: 243 pixels, SD: 50), t(1776) = -4.02, p< 0.001, requivalent = -.33, N = 17

cues, when compared to Neutral (M: 251 pixels, SD: 44). The remaining eye tracking variables,

Words skipped and gaze duration, were not significant.

All p-values were Bonferroni corrected for 4 comparisons.

Hypothesis 2: Physiology is influenced by motivational intensity and predicts

errors. 2a. None of the physiological variables we employed (FAA, ISCR and IBI) correlated

with Cue in this study (after correcting p-values for 3 comparisons).
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2b. Prediction of errors could not be carried out using any physiological variable (p> .5),

Bonferroni corrected for 12 comparisons.

Hypothesis 3: Affect modulates memory and interacts with search paradigm. A main

effect of reward was found: Loss rewards induced more errors (M: 7.41, SD: 1.50), t(2042) =

3.64, p = 0.009, requivalent = .48, N = 18 than Neutral rewards (M: 6.89, SD: 1.45).

A significant Diversity × Feedback interaction was found t(2042) = -2.86p = 0.004, indicat-

ing that while the Loss reward was correlated to more errors, this increase was gradually

reduced as the number of target categories increased. More in detail, when considering one

target category, Loss (M: 6.29, SD: 1.86) saw a large increase in comparison to Neutral (M: 5.18,

SD: 1.60) requivalent = .63. In contrast, with two target categories there was a smaller increase in

errors, from (M: 6.85, SD: 1.99) to (M: 7.25, SD: 1.65) requivalent = .22. With three target catego-

ries, Loss (M: 8.67, SD: 1.72) we saw a negligible decrease in errors when compared to Neutral
(M: 8.62, SD: 1.32) requivalent = .02.

Discussion

We found a significant interaction between search paradigm and motivation (Cue and Diver-
sity). However, the found interaction was the reverse of what we expected. While we predicted

that narrowing of attention caused by high motivational intensity would further increase num-

ber of errors, the number of errors increased more steeply after Neutral cues, especially when

compared to Withdrawal cues (marginally after Approach cues).

The effect of motivational intensity on gaze variables was more limited when compared

with Study 1: only Radius was significantly affected by motivational intensity. Moreover, the

main effect test of Cue on ISCR resulted not significant; it was suppressed by Diversity instead,

suggesting that participants’ arousal increased in order to provide more resources when deal-

ing with a more complicated task.

We believe these effects are due to the visual search strategy commonly employed when

scanning lists. When words are presented in this format, most (if not all) participants would

perform the search task by reading the list from top to bottom, word by word, until the allo-

cated time expires. This would not be surprising: this approach is commonly employed in

left to right languages such as Finnish. The presence of this strategy is supported by visual

gaze vector inspection. We computed gaze vectors for each participant by averaging the

order in which words were scanned (Fig 4). We argue that this relatively stable strategy

reduces the impact of motivational intensity manipulations on visual attention. Following

this premise, it is possible that the increased cognitive control induced by high motivational

intensity [17], unable to subconsciously alter visual search strategy, instead facilitated mem-

orisation. In fact, high motivation has previously been shown to increase working memory

performance for information presented sequentially [87], a phenomenon which supports

this explanation.

A static visual search strategy could also explain the Diversity × Feedback interaction.

The most negative feedback (Loss) interacted with the number of target categories, having a

larger impact when Diversity was low. This effect can have two possible non-dichotomic

interpretations: firstly, it could be interpreted as a decrease in associative memory caused by

losses (as in Study 1). As more words belonging to a single category are memorised sequen-

tially, more associations are built into memory; these associations, however, can be disrupted

by negative affect [77]. The second possibility is that the encoding phase was strengthened by

increased resource allocation [17], as induced by the preceding motivational and Diversity
cues. This would then counteract the disruption of associative memory caused by negative

affect.
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Study 3

The only difference in design from Study 2 was the arrangement of keywords: in this study, we

presented only pseudorandomly scattered words (corresponding to the Scatter layout in Study

1 and shown in Fig 5). Under all other aspects, this study was carried out using exactly the

same parameters as Study 2.

Participants

Twenty people (10 female) participated in the experiment. Their age ranged between 38 and

19 years (M: 25.15, SD: 4.57).

Results

This section lists all results from Study 3, sorted by hypothesis. Results from all studies are

summarised in the final section of the paper (Tables 1 to 3).

Hypothesis 1: Motivational intensity modulates cognitive scope and interacts with

search paradigm. A main effect of cue was found for Withdrawal (M: 7.87, SD: 1.53),

t(2152) = 2.66, p = 0.032, requivalent = .40, N = 20, which induced more errors than Neutral (M:

7.35, SD: 1.29). Unlike Study 2, in this case we found no significant interaction between Diver-
sity and Cue (p> 0.5).

Eye tracking data were consistently affected by motivational cues (especially when opposed

to Study 2). Radius (mean distance of gaze from centre of screen), was narrower after both

Fig 4. Gaze vectors, Studies 2 and 3. This figure shows the average gaze vectors for various participants, for each cue. Different shades of grey

represent different participants. These were obtained by averaging the order in which words were gazed at in each trial. Note that direction and

vertical spread for each participant appear to be relatively stable across cues in Study 2, when compared to Study 3. In the latter case, we can

observe clear, seemingly random differences between different levels of Cue. This suggests that gaze patterns were less predictable in Study 3.

https://doi.org/10.1371/journal.pone.0218926.g004
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Approach (M: 426 pixels, SD: 65), t(1935) = -4.15, p< 0.001, requivalent = .54, N = 18 and With-
drawal (M: 430 pixels, SD: 69), t(1935) = -3.07, p = 0.008, requivalent = .52, N = 18 motivational

cues (Neutral: (M: 462 pixels, SD: 38)). Words skipped (not gazed at, per trial) were more after

both Approach (M: 1.93, SD: 1.41), t(1935) = 2.59, p = 0.038, requivalent = .28, N = 18 and With-
drawal (M: 2.13, SD: 1.63), t(1935) = 4.48, p< 0.001, requivalent = .37, N = 18 cues (Neutral: (M:

1.63, SD: 0.91)). Gaze duration was not significant for either Approach (marginally, p = 0.088)

or Withdrawal (p� 0.4).

All p-values were Bonferroni corrected for 4 comparisons.

Hypothesis 2: Physiology is influenced by motivational intensity and predicts

errors. 2a. Heart rate and skin conductance were correlated to motivational cues. Compared

to Neutral, (M: 853 ms, SD: 163) IBI was significantly lower after Withdrawal cues (M: 840 ms,

SD: 166), t(2043) = -2.65, p = 0.024, requivalent = .40, N = 19 (it was not significantly lower after

Approach cues, p> 0.2). ISCR was significantly higher after Approach (M: 53.40, SD: 36.01),

t(2152) = 3.27, p = 0.003, requivalent = .43, N = 20, Neutral: (M: 45.09, SD: 34.00). FAA did

not yield significant results (p> 0.5). These p-values were Bonferroni corrected for 3

comparisons.

2b. Exploratory analysis for the prediction of errors (Bonferroni corrected for 12 compari-

sons) was significant for both IBI and Radius. The top half of trials which were associated to the

highest IBIs (lower activation) was correlated to more errors (M: 7.61, SD: 1.89), t(2047) = 3.58,

p = 0.004, requivalent = .15, N = 19 when compared to the half related to lower IBI (higher activa-

tion) (M: 7.78, SD: 1.33). Similarly to Study 1, larger average distance of gaze from the centre

(Radius) was associated to less errors (M: 7.56, SD: 1.19), t(1936) = -3.46, p = 0.006, requivalent =

-.25, N = 16 (lower Radius: (M: 7.91, SD: 1.45)). ISCR and FAA did not predict errors (p> 0.5).

Hypothesis 3: Affect modulates memory and interacts with search paradigm. A main

effect of reward was found. Negative rewards were correlated to an increased number of errors,

so that more were committed after Nongain cues (M: 7.75, SD: 1.19), t(2148) = 2.80, p = 0.005,

requivalent = .21, N = 20 and Loss cues (M: 7.96, SD: 1.55), t(2148) = 2.67, p = 0.007, requivalent =

.43, N = 20 (Neutral: (M: 7.35, SD: 1.29)).

Unlike Study 2, no Diversity × Feedback interaction was found p = 0.227.

Fig 5. Word arrangements, Studies 2 and 3. This figure depicts example arrangements for the two studies. In both examples, 4 categories are

present (fruits, vehicles, furniture and buildings). Since half of the categories were targets and half distractors, there were 2 target categories in

this example (corresponding to a Diversity level of 2). Word arrangement was the only difference between Studies 2 and 3.

https://doi.org/10.1371/journal.pone.0218926.g005
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Discussion

In this study, we found a clear effect of Cue on visual attention, unlike Study 2. Among eye

tracking variables, Radius and Words skipped were significantly affected by Cue. The amount

of Errors was larger (effect size) for Withdrawal and significant for Approach. This suggests

that the overall effect of motivational intensity on visual attentional scope is larger when words

are presented in a scatter.

Cue affected both IBI and ISCR, unlike Study 2. Withdrawal significantly decreased IBI,
while Approach (and marginally Withdrawal) were correlated to increased ISCR. The effect

was less pronounced than that found in Study 1 (perhaps due to a lower number of partici-

pants). Nevertheless, this supports our hypothesis that high motivational intensity increases

arousal during visual search, specifically by reducing IBI and increasing ISCR.

The comparison of gaze patterns between Study 2 and Study 3 (Fig 4) along with the effects

previously discussed, leads us to the interpretation that scatters allows for greater flexibility in

visual search strategy. The increased amount of liberty gave way to a greater suppression (nar-

rowing) of visual attention, induced by high motivational intensity.

No interaction of Feedback and Diversity on Errors was found, unlike the other two studies.

The absence of contextual information (which arises from sequential list parsing) in the visual

arrangement of words in this study could explain why this was the case. A main effect of nega-

tive rewards, however, was present: Loss and Nongain both increased Errors. As predicted, the

effect of Loss was greater than that of Nongain.

Results summary

Results related to each hypothesis and additional analyses from all three studies are aggregated

in this section.

Hypothesis 1: Motivational intensity modulates cognitive scope and

interacts with search paradigm

Effects on errors committed after reward expectation cues are summarised in Table 1. In gen-

eral, high motivational intensity was correlated to an increased number of errors. The effect of

Withdrawal was more pronounced than that of Approach (which was not significant in Study

2). A significant interaction was found in Study 2.

Gaze patterns were significantly correlated to both Withdrawal and Approach according to

all three metrics (Radius, gaze duration, Words skipped) in Study 1. The outlier keyword in the

Clusters + outlier condition was remembered and gazed upon less often after Withdrawal cues.

In Study 2, a significant effect was found only for Radius. In Study 3, both Words skipped and

Radius were significant.

In summary, high motivational intensity seemed to induce narrower visual attentional

scope, as suggested by the number of errors committed and gaze patterns. This decrease was

present but less pronounced in Study 2, for which we found only a main effect of Withdrawal
and a Cue × Diversity interaction.

Hypothesis 2: Physiology is influenced by motivational intensity and

predicts errors

2a. Correlations between all physiological variables and motivational cues are listed in Table 2.

Activation (as measured by IBI and ISCR) was generally increased by high motivational

intensity. Once again, Study 2 presented different results than the other two studies: no effect

of Cue on ISCR was found, but instead appeared to be suppressed by the effect of Diversity.
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2b. Exploratory prediction of errors is summarised in Table 3. Radius appeared to be a good

predictor for number of errors in all studies except Study 2. In Studies 1 and 3, reduced

Radius was correlated to more errors, indicating that reduced visual scope decreased overall

attention. Unexpectedly, in Study 3 increased arousal (shorter IBI) was correlated to less
errors.

Hypothesis 3: Affect modulates memory and interacts with search

paradigm

Effects for all reward levels are displayed in Table 4. Negative rewards (Nongain and Loss) were

associated to increased errors in all studies, Nongain being correlated to an increased number

of errors in Study 1 and Loss in studies 2 and 3.

Nongain did not appear to significantly increase Errors in Study 2. Instead, we found a mar-

ginally significant but consistent interaction across the three levels of Diversity with Loss: the

negative effect of Loss was gradually reduced as the number of target categories increased.

Additional analyses

Results from the analyses introduced in the “Additional analyses” section in the Introduction

are reported in this Section. These were not part our original hypothesis set. Instead, they were

run to support our conclusions, as suggested by the reviewers of the present article.

Alpha power. The one-tailed, paired t-test comparing baseline alpha power against the

middle second of the word search task was significant for 35/40 participants in Study 1, 19/20

participants in Study 2 and 15/20 participants in Study 3.

Alpha power was marginally correlated with Diversity in Study 2 (p = .06). This analysis did

not yield significant results in Study 3 p> .50.

These results indicate that alpha band desynchronisation took place during the word search

task phase, when compared to baseline. This result is consistent with previous work which

indicated that reduced alpha band power is correlated with increased mnemonic and cognitive

load [70–72].

The lack of significant results for the effect of Diversity on alpha band power in Studies 2

and 3 indicates that the difference in task difficulty caused by varying the number of categories

was not great enough to be reflected by a detectable increase in alpha band power. That is, the

number of words to be remembered did not vary (although the number of categories did), and

this semantic difference was not sufficient to elicit a significant effect. It is also worth noting

that the eyes were moving greatly during the word search task (especially in Study 3). Eye

movement interference can explain the lack of significant results, particularly regarding Study

3, which displayed words scattered across the screen. Nevertheless, parietal alpha power was

Table 4. Hypothesis 3: Summary of effect of reward feedback on errors, all studies.

Study 1 Study 2 Study 3

Factor p req. p req. p req.
Gain 0.157 0.269 0.462

Nongain 0.003 .24 0.119 0.005 .22

Loss 0.164 <.001 .48 0.007 .44

Nonloss <.001 .15 0.105 0.093

Interaction� 0.002 0.051 0.227

� Study 1: Feedback × Layout; studies 2 and 3: Feedback × Diversity.

https://doi.org/10.1371/journal.pone.0218926.t004
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higher during baseline when compared to the word search task. This could explain the lack of

significant findings for EEG asymmetry carried out to test Hypothesis 2.

Spill-over effect. We found a spill-over effect in Study 1: more errors when committed in

the trials following Nongain (M: 3.53, SD: 1.77), t(7174) = 2.28, p = 0.045, requivalent = .24,

N = 40 and Loss (M: 3.51, SD: 1.67), t(7174) = 2.01, p = 0.004, requivalent = .24, N = 40 when

compared to trials that were preceded by Neutral (M: 3.30, SD: 1.55). No effects were found in

Study 2 p = .41 and 3 p> .5. Given that our trials were randomised, it is unlikely that this spill-

over effect confounded our main results. However, it is worth noting its presence, and is par-

ticularly interesting that only negative reward feedback cues elicited an effect. This is consis-

tent with Hypothesis 3 results: negative rewards appeared to have a frequent detrimental effect

on memory while the effect of positive rewards (in the opposite direction) was more rare and

less strong.

Eye tracking calibration. We found no significant effect of trial number on the average

distance between the closest word and gaze position in all studies (Study 1 p = .53, Study 2 p =

.17, Study 3 p = .46). This indicates that calibration accuracy was relatively stable, given our

experimental duration (approximately 1 hour and 30 minutes for Study 1 and 1 hour and 50

minutes for Studies 2 and 3).

Overall discussion

Across the three studies, main effects of motivational intensity on gaze and performance were

found in Study 1 and Study 3. In Study 1, an interaction on Radius (mean distance of gaze

from centre) was found between List and Scatter. In Study 2, which employed a list, the main

effect of motivational intensity was slightly reduced (being significant only for Withdrawal)
while an interaction was found. Study 1 alone indicated that there was an effect of motivational

intensity on visual search, which may differ depending on whether scatters or lists are dis-

played. Studies 2 and 3 indicated that the effect of motivational intensity on visual search pat-

terns is more pronounced when scattered information is presented.

We interpret these results as an alteration of search strategies induced by high motivational

intensity, which is more likely to be observed when scanning relatively sparse search spaces.

When information is presented in a consistent format, such as the list used in Study 2, this

effect is reduced. The interaction between motivational intensity and information density

exclusively in Study 2 indicated that high motivational intensity slightly reduced the negative

impact on performance normally caused by the memorisation of a large number of categories.

A possible explanation for these findings is that extrinsic monetary motivational manipula-

tions acted as stressors, constraining visual attention. However, when information was parsed

sequentially visual attention was less likely to be constrained. Cognitive resource allocation, in

absence of any evident attentional constraint, allowed performance to be less affected by high

levels of stress.

This indicates that the impact of motivational intensity varies greatly depending on the for-

mat in which the search task is organised. This is consistent with previous research which indi-

cated that motivational intensity narrows visual cognitive scope [20]. Our observations are

also consistent with previous research in which modulation of visual attention did not play a

role in performance. It was observed that motivation increases memory by facilitating mainte-

nance of information when rewards are presented before maintenance [87, 88]. Neurologi-

cally, this could be explained by increased activity in the lateral prefrontal cortex (LPFC)

induced by motivation; it has previously been suggested that stimulating the LPFC can

increase working memory capacity [89, 90]. Stimulating this area via motivational cues may

then favour memory.
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These effects, in our case, applied only to Approach-directed motivation. It is notable that

Withdrawal-directed motivation reduced performance in all cases, including lists. It has been

indicated that motivational direction stimulates different areas of the brain, explaining why

Study 2 performance results were greatly affected by opposing motivational directions [91].

This further strengthens the idea that both directions of motivation should be considered

when studying human behaviour.

It is also worth noting that in all studies the most positive reward outcome (Gain) was

never found to increase performance under main effects tests. Negative rewards (Loss and

Nongain) were instead associated to decreased performance, in all studies and the spill-over

effect additional analysis. Loss, in particular, strongly reduced performance when participants

were under heavier mental load (main effect on Studies 2 and 3). The effect size of losses was

greater than that of nongains, as predicted. This supports previous work which indicated that

the “default” cognitive scope is broad [20, 23]. Under this assumption, gains would not

broaden scope. That is, cognitive scope would be mostly unchanged after positive rewards,

preventing the observation of an increase in performance.

Implications

Given that the attentional-narrowing effect of motivational intensity on lists was reduced, it

appears that using vertical lists would be preferable to scatters—especially when users are

expected to be exposed to extrinsic motivational stressors. This implies that UI elements such

as tag clouds may be less effective than vertical lists, especially unsorted. Vertical lists have also

been indicated as the preferred method of arranging words, as they facilitate visual search [65].

This observation applies especially to scenarios in which spatial location would not provide

additional properties relatable to the given word; that is, lists should be preferred to scatters if

a given word’s position within a two-dimensional space does not convey any relevant informa-

tion. In any case, it is worth remembering that arranging words across a two-dimensional

space is an approach vulnerable to attentional biases.

Human-computer interaction research which takes into consideration the affective state of

users and their correlated behaviour, such as physiological computing [32] or affective com-

puting [33] would benefit from the findings presented in this paper, which suggest that eye

tracking data collected while scanning lists might not generalise to scattered information, and

vice-versa. For example, designing a visual search task using lists might mask variability in

visual attention across conditions, reducing the efficacy of eye tracking metrics.

In more general terms, theoretical research on motivation and affect should benefit from

our findings, which indicated that these phenomena induce different behaviours depending

on 1) the way information is presented and 2) whether approach or withdrawal-directed moti-

vation is being elicited.

Prediction of errors from physiology indicated that Radius could be used as a relatively

accurate predictor of performance when using sparsely organised information (being signifi-

cant in Studies 1 and 3). Narrow radius was associated to more errors, supporting our hypoth-

esis that narrowing of attention reduces performance. Such biases could be detected by eye

tracking along with IBI, which significantly predicted errors in Study 3.

Limitations

An important limitation of the present study is due to the use of monetary rewards. In this

way, we only explored the effect of extrinsic motivation induced by tangible rewards; it is pos-

sible that motivation induced by non-tangible and / or intrinsic rewards may have produced

different results. However, testing for intrinsic rewards would require a very different
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experimental design, as this type of reward would be very difficult to include in a trial-by-trial

design.

Use of a visual flanker task may have also influenced some of our eye tracking variables or

Errors, as attention may pre-emptively shift towards the centre of the screen in anticipation of

the flanker. We attempted to limit this confound by using a blank of variable duration after the

word search phase and altering the position of the flanker in Studies 2 and 3. Moreover, previ-

ous experiments on motivational intensity and visual attention reported similar results regard-

less of whether visual or less perceptual flanker tasks (such as linguistic tasks) were employed

[92]. While there may be overall differences between the types of flankers tasks utilised, it is

important to note that it is worth utilising all types of flanker, including the type we utilised.

Moreover, potential effects induced by the flanker cannot account for all differences observed

across conditions (such as gaze duration on individual words, or ISCR).

In Study 1 we employed only one visual layout that included an “outlier” (Clusters + outlier).
Ideally, it would have been of interest to include a Colours + outlier condition, in which an

irrelevant word would be coloured as target. This would have helped in further investigating

whether the attentional narrowing of scope would also apply to sparse arrangements. How-

ever, our search tasks were quite demanding and the duration of Study 1 experimental sessions

often exceeded 90 minutes (excluding set-up). Including an additional layout condition would

have strained participants, considerably reducing the feasibility of the study.

It is possible that the Diversity variable in Studies 2 and 3 affected physiological arousal, as it

could have been heightened in trials which asked participants to memorise a high number of

categories. Conditions were, however, balanced within participants; all levels of Diversity were

tested against all levels of Cue.
Unfortunately, EEG asymmetry tests were insignificant in all three studies. This could be

attributed to the difficulty of the search task (as mentioned in our methodology, we calibrated

trial length to obtain an average accuracy of 75%). As indicated by our additional analysis,

alpha waves were suppressed (desynchronised) under high memory load when compared to

baseline. It has also been previously suggested that asymmetry might only be observed during

affective (emotional) manipulations of motivational intensity [91], although it has been

observed under non-emotional paradigms as well [44]. Another possible reason for the null

result might be provided by the short time of segments available for our analysis, given that

sensitivity of time-frequency transforms is normally higher when using longer time segments

[63]. It has also been suggested that lower alpha band may be more relevant for motivational

manipulations [49]. We attempted separate post-hoc tests on lower and higher alpha (8–10 Hz

and 10–12 Hz) but these also yielded non-significant results. It is also worth noting that our

studies were aimed at identifying the most suitable physiological signal for motivational inten-

sity estimation. From this point of view, our finding of Radius being more suitable than FAA
for the purpose of real time estimation using a low number of sensors is valuable.

Pupillometry has been previously used to assess the effect of motivational intensity on cog-

nitive control [93]. Pupillometry has also been used in recent visualisation studies to investi-

gate the effect of confusion [94], and to predict learning curves [95]. Preliminary tests,

however, suggested that this technique would have not been applicable to our set-up, as the

pupil data we obtained was not sufficiently accurate.

Future work

The strong eye tracking results we reported suggest that eye tracking alone might be suitable

for a follow-up study on the effects of motivational intensity on eye movements during visual

search. In this paper, we focused on lists and scatters as they were within the initial layout set
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of Study 1. However, future studies could focus on additional visual arrangements frequently

utilised in computer systems, such as matrices or multiple vertical lists. More eye tracking fea-

tures that we did not consider could then be utilised (such as distance between saccades) or

features could be engineered depending on the type of visualisation utilised (e.g. dwell time on

left / right portion of screen, if two vertical lists are presented). Moreover, we often found that

the standard deviation for Radius was generally larger when motivational intensity was high.

This suggests that there are additional variables that interact with motivational intensity,

changing gaze behaviour. Investigating additional layouts with more eye tracking variables,

and potentially different types of flanker tasks (such as auditory) could help in identifying

which factors are most closely correlated to changes in visual search patterns elicited by moti-

vational intensity, and which gaze-related features are most suitable for motivational state

estimation.

Interestingly, in Study 3, lower IBI was associated to less errors. This may indicate that

higher sympathetic nervous system activation was elicited by motivational intensity, and

increased performance during trials in which participants’ visual attention was not concur-

rently narrowed because of a latent variable (or noise). Heart rate (and hence IBI) increase is

associated to stronger mental requirements [96], which were relatively higher in Studies 2 and

3. Further research would be needed to disentangle the relationship between withdrawal-

directed motivation, IBI and performance during cognitively demanding word search.

Regulatory focus theory [97] indicates that approach-oriented individuals might benefit

from approach-related motivation. This phenomenon was not tested in our experiment

as our main aim was to assess general effects of motivational manipulations on visual

scope. Exploring trait effects would require a larger, more balanced (in terms of traits) set of

studies.

Future experiments inspired by our design would benefit from the inclusion of recall tests,

apart from recognition tests. This is because high motivation induced participants in spending

more time reading individual words, as measured by our Gaze duration variable. This would

be useful in investigating whether high motivation increased encoding for individual words at

the expense of recall rate for the remaining words—i.e. whether the “trees”, rather than the

“forest”, were easier to remember. This recall-recognition tradeoff could be used to improve

current models of visual search to include the additional dimension of motivational intensity

[98].

Conclusion

The presented studies indicated that motivational intensity affects visual search strategies,

especially when information is presented in sparse layouts. When information was presented

in lists, this effect was reduced, being absent for approach-directed motivation. We concluded

that increased cognitive control induced by high approach-directed motivation increases

memory during encoding when visual attention is not constrained, as lists are normally parsed

sequentially.

When scanning sparse layouts, our findings indicate that eye tracking metrics would be

beneficial in detecting attentional biases. Negative affect (Loss) has been shown to greatly

reduce performance when performing visual word search under heavy mental load.

Supporting information

S1 File. This file contains six data tables, two tables per study and a “readme”. For each

study, one table contains trial-level data while the other contains word-level data. These tables

were used to compute our statistics, as outlined in the “Statistical analysis” section. The
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‘README’ file contained within the zip file explains the contents of the table files, which are

in csv format.

(ZIP)

Acknowledgments

Two reviewers greatly contributed to the present article, especially regarding the organisation

of hypotheses, the use of Bonferroni correction and the future work, limitations and additional

analyses sections.

Author Contributions

Conceptualization: Marco Filetti, Oswald Barral, Giulio Jacucci, Niklas Ravaja.

Data curation: Marco Filetti.

Funding acquisition: Giulio Jacucci, Niklas Ravaja.

Investigation: Marco Filetti, Oswald Barral.

Methodology: Niklas Ravaja.

Resources: Giulio Jacucci.

Software: Marco Filetti.

Supervision: Giulio Jacucci, Niklas Ravaja.

Visualization: Marco Filetti.

Writing – original draft: Marco Filetti.

Writing – review & editing: Oswald Barral.

References
1. Clore G, Huntsinger J. How emotions inform judgment and regulate thought. Trends in cognitive sci-

ences. 2007; 11(9):393–399. https://doi.org/10.1016/j.tics.2007.08.005 PMID: 17698405

2. Levine LJ, Edelstein RS. Emotion and memory narrowing: A review and goal-relevance approach. Cog-

nition and Emotion. 2009; 23(5):833–875. https://doi.org/10.1080/02699930902738863

3. Fredrickson B, Branigan C. Positive emotions broaden the scope of attention and thought-action reper-

toires. Cognition & emotion. 2005; 19(3):313–332. https://doi.org/10.1080/02699930441000238

4. Harmon-Jones E, Gable PA, Peterson CK. The role of asymmetric frontal cortical activity in emotion-

related phenomena: A review and update. Biological psychology. 2010; 84(3):451–462. https://doi.org/

10.1016/j.biopsycho.2009.08.010 PMID: 19733618

5. Bardi L, Kanai R, Mapelli D, Walsh V. Direct current stimulation (tDCS) reveals parietal asymmetry in

local/global and salience-based selection. Cortex. 2013; 49(3):850–860. https://doi.org/10.1016/j.

cortex.2012.04.016 PMID: 22699023

6. Libkuman T, Stabler C, Otani H. Arousal, valence, and memory for detail. Memory (Hove, England).

2004; 12(2):237–247. https://doi.org/10.1080/09658210244000630

7. Rowe G, Hirsh JB, Anderson AK. Positive affect increases the breadth of attentional selection. Proceed-

ings of the National Academy of Sciences. 2007; 104(1):383–388. https://doi.org/10.1073/pnas.

0605198104

8. Talarico J, Berntsen D, Rubin D. Positive emotions enhance recall of peripheral details. Cognition &

emotion. 2009; 23(2):380–398. https://doi.org/10.1080/02699930801993999

9. Biss R, Hasher L. Delighted and distracted: positive affect increases priming for irrelevant information.

Emotion. 2011; 11(6):1474–1478. https://doi.org/10.1037/a0023855 PMID: 21707151

10. Gable P, Harmon-Jones E. The blues broaden, but the nasty narrows: attentional consequences of neg-

ative affects low and high in motivational intensity. Psychological Science. 2010; 21(2):211–215. https://

doi.org/10.1177/0956797609359622 PMID: 20424047

Motivational intensity and visual word search

PLOS ONE | https://doi.org/10.1371/journal.pone.0218926 July 23, 2019 31 / 36

https://doi.org/10.1016/j.tics.2007.08.005
http://www.ncbi.nlm.nih.gov/pubmed/17698405
https://doi.org/10.1080/02699930902738863
https://doi.org/10.1080/02699930441000238
https://doi.org/10.1016/j.biopsycho.2009.08.010
https://doi.org/10.1016/j.biopsycho.2009.08.010
http://www.ncbi.nlm.nih.gov/pubmed/19733618
https://doi.org/10.1016/j.cortex.2012.04.016
https://doi.org/10.1016/j.cortex.2012.04.016
http://www.ncbi.nlm.nih.gov/pubmed/22699023
https://doi.org/10.1080/09658210244000630
https://doi.org/10.1073/pnas.0605198104
https://doi.org/10.1073/pnas.0605198104
https://doi.org/10.1080/02699930801993999
https://doi.org/10.1037/a0023855
http://www.ncbi.nlm.nih.gov/pubmed/21707151
https://doi.org/10.1177/0956797609359622
https://doi.org/10.1177/0956797609359622
http://www.ncbi.nlm.nih.gov/pubmed/20424047
https://doi.org/10.1371/journal.pone.0218926


11. Derryberry D, Reed MA. Anxiety and attentional focusing: Trait, state and hemispheric influences. Per-

sonality and Individual Differences. 1998; 25(4):745–761. https://doi.org/10.1016/S0191-8869(98)

00117-2

12. Brookshire G, Casasanto D. Motivation and motor control: hemispheric specialization for approach

motivation reverses with handedness. PLoS One. 2012; 7(4):e36036. https://doi.org/10.1371/journal.

pone.0036036 PMID: 22563436

13. Verma G, Tiwary U. Multimodal fusion framework: a multiresolution approach for emotion classification

and recognition from physiological signals. Neuroimage. 2014; 102 Pt 1:162–172. https://doi.org/10.

1016/j.neuroimage.2013.11.007 PMID: 24269801

14. Gable P, Harmon-Jones E. The motivational dimensional model of affect: Implications for breadth of

attention, memory, and cognitive categorisation. Cognition & Emotion. 2010; 24(2):322–337. https://

doi.org/10.1080/02699930903378305

15. Gable P, Poole B, Harmon-Jones E. Anger perceptually and conceptually narrows cognitive scope.

Journal of Personality and Social Psychology. 2015; 109(1):163–174. https://doi.org/10.1037/

a0039226 PMID: 26011662

16. Botvinick M, Braver T. Motivation and cognitive control: from behavior to neural mechanism. Annual

Review of Psychology. 2015; 66:83–113. https://doi.org/10.1146/annurev-psych-010814-015044

PMID: 25251491

17. Hockey GRJ. Compensatory control in the regulation of human performance under stress and high

workload: A cognitive-energetical framework. Biological psychology. 1997; 45(1):73–93. https://doi.org/

10.1016/S0301-0511(96)05223-4 PMID: 9083645

18. Etzel J, Cole M, Zacks J, Kay K, Braver T. Reward Motivation Enhances Task Coding in Frontoparietal

Cortex. Cerebral Cortex. 2016; 26(4):1647–1659. https://doi.org/10.1093/cercor/bhu327 PMID:

25601237

19. Navalpakkam V, Koch C, Perona P. Homo economicus in visual search. Journal of Vision. 2009;

9(1):31.1–31.16. https://doi.org/10.1167/9.1.31

20. Gable P, Harmon-Jones E. The effect of low versus high approach-motivated positive affect on memory

for peripherally versus centrally presented information. Emotion (Washington, DC). 2010; 10(4):599–

603. https://doi.org/10.1037/a0018426

21. Zadra J, Clore G. Emotion and Perception: The Role of Affective Information. Wiley interdisciplinary

reviews Cognitive science. 2011; 2(6):676–685. https://doi.org/10.1002/wcs.147 PMID: 22039565

22. Fredrickson BL. The role of positive emotions in positive psychology: The broaden-and-build theory of

positive emotions. American psychologist. 2001; 56(3):218. https://doi.org/10.1037/0003-066X.56.3.

218 PMID: 11315248

23. Huntsinger J, Sinclair S, Dunn E, Clore G. Affective regulation of stereotype activation: it’s the (accessi-

ble) thought that counts. Personality & Social Psychology Bulletin. 2010; 36(4):564–577. https://doi.org/

10.1177/0146167210363404

24. Huntsinger JR. Does Emotion Directly Tune the Scope of Attention. Current Directions in Psychological

Science. 2013; 22(4):265–270. https://doi.org/10.1177/0963721413480364

25. Ahn JW, Brusilovsky P. Adaptive Visualization of Search Results: Bringing User Models to Visual Ana-

lytics. Information Visualization. 2009; 8(3):167–179. https://doi.org/10.1057/ivs.2009.12

26. Koch S, Bosch H, Giereth M, Ertl T. Iterative integration of visual insights during patent search and anal-

ysis. In: Visual Analytics Science and Technology, 2009. VAST 2009. IEEE Symposium on. IEEE;

2009. p. 203–210.

27. Hoeber O, Yang XD, Yao Y. Visualization support for interactive query refinement. In: Proceedings of

the 2005 IEEE/WIC/ACM International Conference on Web Intelligence. IEEE Computer Society; 2005.

p. 657–665.

28. Jones S. Graphical query specification and dynamic result previews for a digital library. In: Proceedings

of the 11th annual ACM symposium on User interface software and technology. ACM; 1998. p. 143–

151.

29. Ruotsalo T, Jacucci G, Kaski S, Peltonen J, Eugster M, Głowacka D, et al. Directing exploratory search

with interactive intent modeling. In: He Q, Iyengar A, Nejdl W, Pei J, Rastogi R, editors. Proceedings of

the 22nd ACM international conference on Information & Knowledge Management. New York, New

York, USA: ACM Press; 2013. p. 1759–1764.

30. Dörk M, Carpendale S, Collins C, Williamson C. Visgets: Coordinated visualizations for web-based

information exploration and discovery. IEEE Transactions on Visualization and Computer Graphics.

2008; 14(6). https://doi.org/10.1109/TVCG.2008.175 PMID: 18988965

31. Hearst MA, Rosner D. Tag clouds: Data analysis tool or social signaller. In: Hawaii International Confer-

ence on System Sciences, Proceedings of the 41st Annual. IEEE; 2008. p. 160–160.

Motivational intensity and visual word search

PLOS ONE | https://doi.org/10.1371/journal.pone.0218926 July 23, 2019 32 / 36

https://doi.org/10.1016/S0191-8869(98)00117-2
https://doi.org/10.1016/S0191-8869(98)00117-2
https://doi.org/10.1371/journal.pone.0036036
https://doi.org/10.1371/journal.pone.0036036
http://www.ncbi.nlm.nih.gov/pubmed/22563436
https://doi.org/10.1016/j.neuroimage.2013.11.007
https://doi.org/10.1016/j.neuroimage.2013.11.007
http://www.ncbi.nlm.nih.gov/pubmed/24269801
https://doi.org/10.1080/02699930903378305
https://doi.org/10.1080/02699930903378305
https://doi.org/10.1037/a0039226
https://doi.org/10.1037/a0039226
http://www.ncbi.nlm.nih.gov/pubmed/26011662
https://doi.org/10.1146/annurev-psych-010814-015044
http://www.ncbi.nlm.nih.gov/pubmed/25251491
https://doi.org/10.1016/S0301-0511(96)05223-4
https://doi.org/10.1016/S0301-0511(96)05223-4
http://www.ncbi.nlm.nih.gov/pubmed/9083645
https://doi.org/10.1093/cercor/bhu327
http://www.ncbi.nlm.nih.gov/pubmed/25601237
https://doi.org/10.1167/9.1.31
https://doi.org/10.1037/a0018426
https://doi.org/10.1002/wcs.147
http://www.ncbi.nlm.nih.gov/pubmed/22039565
https://doi.org/10.1037/0003-066X.56.3.218
https://doi.org/10.1037/0003-066X.56.3.218
http://www.ncbi.nlm.nih.gov/pubmed/11315248
https://doi.org/10.1177/0146167210363404
https://doi.org/10.1177/0146167210363404
https://doi.org/10.1177/0963721413480364
https://doi.org/10.1057/ivs.2009.12
https://doi.org/10.1109/TVCG.2008.175
http://www.ncbi.nlm.nih.gov/pubmed/18988965
https://doi.org/10.1371/journal.pone.0218926


32. Fairclough SH. Fundamentals of physiological computing. Interacting with computers. 2009; 21(1):133–

145. https://doi.org/10.1016/j.intcom.2008.10.011

33. Picard RW, Vyzas E, Healey J. Toward machine emotional intelligence: Analysis of affective physiologi-

cal state. Pattern Analysis and Machine Intelligence, IEEE Transactions on. 2001; 23(10):1175–1191.

https://doi.org/10.1109/34.954607

34. Katsis C, Ganiatsas G, Fotiadis D. An integrated telemedicine platform for the assessment of affective

physiological states. Diagnostic pathology. 2006; 1:16. https://doi.org/10.1186/1746-1596-1-16 PMID:

16879757

35. Liu C, Agrawal P, Sarkar N, Chen S. Dynamic difficulty adjustment in computer games through real-

time anxiety-based affective feedback. International Journal of Human-Computer Interaction. 2009;

25(6):506–529. https://doi.org/10.1080/10447310902963944

36. Wilson GF, Russell CA. Real-Time Assessment of Mental Workload Using Psychophysiological Mea-

sures and Artificial Neural Networks. Human Factors. 2003; 45(4):635–643. https://doi.org/10.1518/

hfes.45.4.635.27088 PMID: 15055460

37. Tseng YC, Howes A. The Adaptation of Visual Search Strategy to Expected Information Gain. In: ACM

SIGCHI Conference on Human Factors in Computing Systems. ACM Press; 2008. p. 1075–1084.

38. Balcetis E, Dunning D. See what you want to see: motivational influences on visual perception. Journal

of Personality and Social Psychology. 2006; 91(4):612–625. https://doi.org/10.1037/0022-3514.91.4.

612 PMID: 17014288

39. Mendes WB, Park J. Neurobiological Concomitants of Motivational States. In: Advances in Motivation

Science. Elsevier; 2014. p. 233–270.

40. Ohsuga M, Shimono F, Genno H. Assessment of phasic work stress using autonomic indices. Interna-

tional Journal of Psychophysiology. 2001; 40(3):211–220. https://doi.org/10.1016/S0167-8760(00)

00189-6 PMID: 11228348

41. Benedek M, Kaernbach C. A continuous measure of phasic electrodermal activity. Journal of Neuro-

science Methods. 2010; 190(1):80–91. https://doi.org/10.1016/j.jneumeth.2010.04.028 PMID:

20451556

42. Harmon-Jones E, Allen JJ. Anger and frontal brain activity: EEG asymmetry consistent with approach

motivation despite negative affective valence. Journal of Personality and Social Psychology. 1998;

74(5):1310. https://doi.org/10.1037/0022-3514.74.5.1310 PMID: 9599445

43. Coan JA, Allen JJ. Frontal EEG asymmetry as a moderator and mediator of emotion. Biological psychol-

ogy. 2004; 67(1):7–50. https://doi.org/10.1016/j.biopsycho.2004.03.002 PMID: 15130524

44. Ravaja N, Somervuori O, Salminen M. Predicting purchase decision: The role of hemispheric asymme-

try over the frontal cortex. Journal of Neuroscience, Psychology, and Economics. 2013; 6(1):1–13.

https://doi.org/10.1037/a0029949

45. Flevaris A, Bentin S, Robertson L. Attentional selection of relative SF mediates global versus local pro-

cessing: evidence from EEG. Journal of Vision. 2011; 11(7). https://doi.org/10.1167/11.7.11 PMID:

21670096

46. Gable P, Poole B, Cook M. Asymmetrical hemisphere activation enhances global-local processing.

Brain and Cognition. 2013; 83(3):337–341. https://doi.org/10.1016/j.bandc.2013.09.012 PMID:

24144929

47. Cowley B, Filetti M, Lukander K, Torniainen J, Henelius A, Ahonen L, et al. The Psychophysiology

Primer: a guide to methods and a broad review with a focus on human computer interaction. Founda-

tions and Trends in HCI. 2016; 9(3-4):150–307.

48. Elliot AJ, Covington MV. Approach and avoidance motivation. Educational Psychology Review. 2001;

13(2):73–92. https://doi.org/10.1023/A:1009009018235

49. Wacker J, Heldmann M, Stemmler G. Separating emotion and motivational direction in fear and anger:

effects on frontal asymmetry. Emotion. 2003; 3(2):167. https://doi.org/10.1037/1528-3542.3.2.167

PMID: 12899417

50. Boucsein W. Electrodermal Activity, 2nd ed. In: Electrodermal Activity. Boston, MA: Springer US;

2012.

51. Obrist PA, Gaebelein CJ, Teller ES, Langer AW, Grignolo A, Light KC, et al. The relationship among

heart rate, carotid dP/dt, and blood pressure in humans as a function of the type of stress. Psychophysi-

ology. 1978; 15(2):102–115. https://doi.org/10.1111/j.1469-8986.1978.tb01344.x PMID: 652904

52. Eilola TM, Havelka J. Affective norms for 210 British English and Finnish nouns. Behavior Research

Methods. 2010; 42(1):134–140. https://doi.org/10.3758/BRM.42.1.134 PMID: 20160293

53. Bradley MM, Lang PJ. Affective norms for English words (ANEW): Instruction manual and affective rat-

ings. Citeseer; 1999.

Motivational intensity and visual word search

PLOS ONE | https://doi.org/10.1371/journal.pone.0218926 July 23, 2019 33 / 36

https://doi.org/10.1016/j.intcom.2008.10.011
https://doi.org/10.1109/34.954607
https://doi.org/10.1186/1746-1596-1-16
http://www.ncbi.nlm.nih.gov/pubmed/16879757
https://doi.org/10.1080/10447310902963944
https://doi.org/10.1518/hfes.45.4.635.27088
https://doi.org/10.1518/hfes.45.4.635.27088
http://www.ncbi.nlm.nih.gov/pubmed/15055460
https://doi.org/10.1037/0022-3514.91.4.612
https://doi.org/10.1037/0022-3514.91.4.612
http://www.ncbi.nlm.nih.gov/pubmed/17014288
https://doi.org/10.1016/S0167-8760(00)00189-6
https://doi.org/10.1016/S0167-8760(00)00189-6
http://www.ncbi.nlm.nih.gov/pubmed/11228348
https://doi.org/10.1016/j.jneumeth.2010.04.028
http://www.ncbi.nlm.nih.gov/pubmed/20451556
https://doi.org/10.1037/0022-3514.74.5.1310
http://www.ncbi.nlm.nih.gov/pubmed/9599445
https://doi.org/10.1016/j.biopsycho.2004.03.002
http://www.ncbi.nlm.nih.gov/pubmed/15130524
https://doi.org/10.1037/a0029949
https://doi.org/10.1167/11.7.11
http://www.ncbi.nlm.nih.gov/pubmed/21670096
https://doi.org/10.1016/j.bandc.2013.09.012
http://www.ncbi.nlm.nih.gov/pubmed/24144929
https://doi.org/10.1023/A:1009009018235
https://doi.org/10.1037/1528-3542.3.2.167
http://www.ncbi.nlm.nih.gov/pubmed/12899417
https://doi.org/10.1111/j.1469-8986.1978.tb01344.x
http://www.ncbi.nlm.nih.gov/pubmed/652904
https://doi.org/10.3758/BRM.42.1.134
http://www.ncbi.nlm.nih.gov/pubmed/20160293
https://doi.org/10.1371/journal.pone.0218926


54. Peirce JW. PsychoPy—psychophysics software in Python. Journal of Neuroscience Methods. 2007;

162(1):8–13. https://doi.org/10.1016/j.jneumeth.2006.11.017 PMID: 17254636

55. Ding J, Sperling G, Srinivasan R. Attentional modulation of SSVEP power depends on the network

tagged by the flicker frequency. Cerebral Cortex. 2006; 16(7):1016. https://doi.org/10.1093/cercor/

bhj044 PMID: 16221931

56. Fairclough H Stephen, Ewing K. The effect of task demand and incentive on neurophysiological and

cardiovascular markers of effort. International Journal of Psychophysiology. 2017;(In press):–. https://

doi.org/10.1016/j.ijpsycho.2017.01.007 PMID: 28111347

57. Neuper C, Pfurtscheller G. Event-related dynamics of cortical rhythms: frequency-specific features and

functional correlates. International Journal of Psychophysiology. 2001; 43(1):41–58. https://doi.org/10.

1016/S0167-8760(01)00178-7 PMID: 11742684

58. Ravaja N, Aula P, Falco A, Laaksonen S, Salminen M, Ainamo A. Online News and Corporate Reputa-

tion: A Neurophysiological Investigation. Journal of Media Psychology. 2015; 27(3):118–133. https://

doi.org/10.1027/1864-1105/a000149

59. Nowicka A, Cygan HB, Tacikowski P, Ostaszewski P, KuśR. Name recognition in autism: EEG evi-

dence of altered patterns of brain activity and connectivity. Molecular autism. 2016; 7(1):38. https://doi.

org/10.1186/s13229-016-0102-z PMID: 27602201

60. Schaller F, Weiss S, Müller HM. EEG beta-power changes reflect motor involvement in abstract action

language processing. Brain and Language. 2017; 168:95–105. https://doi.org/10.1016/j.bandl.2017.01.

010 PMID: 28189047

61. Tacikowski P, Cygan HB, Nowicka A. Neural correlates of own and close-other’s name recognition:

ERP evidence. Frontiers in human neuroscience. 2014; 8:194. https://doi.org/10.3389/fnhum.2014.

00194 PMID: 24772076
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