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Organic aerosols (OAs) contribute to the Arctic aerosol mass 
near the surface1–4 and affect the local climate through 
direct aerosol–radiation interactions and by altering the 

cloud properties5,6. OAs interact with other aerosol components7–9, 
for example, black carbon or elemental carbon (EC) and sulfate, and 
can augment or offset their radiative forcing10. The Arctic OA indi-
rect effect is estimated to be of a similar magnitude as that of the 
sulfate indirect effect, and much larger than the OA direct effect11. 
The magnitude of these effects depends on the OA physicochemi-
cal properties, sources and formation processes12,13, which are not 
traceable by satellites14, and hence surface observations are indis-
pensable15. However, OAs have received little attention in the Polar 
Regions16–18, mainly because of measurement challenges, and hence 
their complex composition and sources are poorly understood19,20. 
Nevertheless, an increasing abundance of natural OAs in a warming 
Arctic is expected21 as a result of northward-expanding vegetation22, 

intensifying boreal forest fires23,24, decreasing sea-ice extent25 and 
thawing permafrost26,27. Enhanced OA emissions are also expected 
from increasing local anthropogenic emissions, which include oil 
and gas exploration, and shipping activities28,29.

Attempts to model the Arctic OA concentrations have been lim-
ited, with typical under-predictions in winter and/or spring, when 
haze can be omnipresent and persistent30–33. The formation of sec-
ondary organic aerosols (SOAs) from anthropogenic or natural 
sources in different seasons is poorly represented32,34. Of 16 models 
deployed in a recent AeroCom evaluation of the simulated annual 
aerosol optical depth in Polar Regions32, only 6 considered biogenic 
precursors, which can contribute to particle growth and so the size 
range of cloud condensation nuclei. Only in one of the models was 
methanesulfonic acid (MSA) considered, which resulted in an out-
lier Arctic aerosol optical depth in terms of both seasonal variabil-
ity and year-long magnitude32. A recent study showed that natural 
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Aerosols play an important yet uncertain role in modulating the radiation balance of the sensitive Arctic atmosphere. Organic 
aerosol is one of the most abundant, yet least understood, fractions of the Arctic aerosol mass. Here we use data from eight 
observatories that represent the entire Arctic to reveal the annual cycles in anthropogenic and biogenic sources of organic 
aerosol. We show that during winter, the organic aerosol in the Arctic is dominated by anthropogenic emissions, mainly from 
Eurasia, which consist of both direct combustion emissions and long-range transported, aged pollution. In summer, the decreas-
ing anthropogenic pollution is replaced by natural emissions. These include marine secondary, biogenic secondary and pri-
mary biological emissions, which have the potential to be important to Arctic climate by modifying the cloud condensation 
nuclei properties and acting as ice-nucleating particles. Their source strength or atmospheric processing is sensitive to nutrient 
availability, solar radiation, temperature and snow cover. Our results provide a comprehensive understanding of the current 
pan-Arctic organic aerosol, which can be used to support modelling efforts that aim to quantify the climate impacts of emis-
sions in this sensitive region.
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OAs other than MSA may account for about half of the summertime 
Arctic OAs33. Biological emissions, often not considered in Arctic 
models, may be a missing source of ice-nucleating particles2,35 that 
is possibly further enhanced with the thawing permafrost36. The 
contribution of anthropogenic emissions, for example, from gas 
flaring37, to primary OA and SOA precursors is expected to vary 
substantially in space and time across the Arctic region but, unlike 
black carbon38, has been largely overlooked. Long-term ambient 
measurements of the Arctic OA composition are critically needed 
to identify its main sources and therefore are a first step for sub-
sequent implementation into models. However, available stud-
ies3,39–41 are single-site, short-term3,39 or campaign-based39,40, and 
too infrequent to reveal seasonal patterns in the main sources of 
Arctic OAs42. Hence, Arctic aerosol source apportionment studies 
typically do not consider OAs43,44, or are limited to a few primary 
markers (for example, levoglucosan from biomass burning or EC) 

and radiocarbon measurements45,46. Therefore, current efforts have 
so far been unable to provide an understanding of the sources and 
formation pathways of the pan-Arctic OAs in different seasons.

Determination of OA sources across the Arctic
Here we fill this critical knowledge gap by determining the spatial 
and seasonal distribution of individual OA classes (factors) across 
the Arctic (Fig. 1, Methods and Supplementary Text 1). This was 
achieved by offline aerosol mass spectrometer (AMS) measure-
ments of nebulized aerosol water extracts47 from filter samples 
(Methods and Supplementary Text 2), followed by multisite posi-
tive matrix factorization (PMF) for OA source apportionment 
in relative terms, and subsequent quantification using externally 
measured water-soluble organic carbon (WSOC; see Methods). 
Factor identification is aided by organic marker, major ion and EC  
measurements (Methods and Supplementary Text 3). Source  

ba

V

U

B

T

A

G and Z
P

c d

Canada

Russia

Finland
Iceland

Greenland
(Denmark)

Arctic Circle
(66° N)

Alaska
(United States)

1,200

Full dataset Polar night Midnight sun

Percentage contribution 45

30

O
A

 in P
M

 (%
)

15

0

1,000

800

600

O
A

 (
ng

 m
–3

)

400

200

0

100

T
IK

P
A

L

P
A

L

B
A

R

B
A

R

G
R

U

U
T

Q

U
T

Q

V
R

S

V
R

S

A
LT

A
LT

Z
E

P

Z
E

P

80

60

40

P
er

ce
nt

ag
e 

of
 O

A

20

0
POA

13
26

11 13

37

27

8

10

33 31
46 44 49

43

198
15

PBOA BSOA MSA-OA OOA Haze

1,
38

0

22
0

95
0

48
0

33
0

24
0

20
0

17
0

18
0

14
0

110 110 11050

28

17
17

11
37

14

42
15

9

43

16

16

13

36

13

9

18

20

40

10

38

25

12

17
30

12
31

9
9

16 36
19

8

8

9 15

30

17

7

42

6

34

24

Month
6
5
4

S
pring

W
inter

A
utum

n

3
2
1
12
11
10
9
8
7

Haze

OOA

BSOA

PBOA

MSA-OA

OS = 0

OS = –1

POA

2.2

2.0

1.8

1.6

H
:C

1.4

1.2

1.0

0.1 0.2 0.3 0.4
O:C

0.5 0.6 0.7 0.8

Fig. 1 | Sites, OA factors and chemical characteristics. a, Arctic political map showing the aerosol filter sampling stations (Supplementary Text 1 and 
Supplementary Table 1). A, Alert; B, Cape Baranova; G, Gruvebadet; P, Pallas-Matorova; T, Tiksi; U, Utqiaġvik; V, Villum Research Station; Z, Zeppelin. 
Adapted from Hugo Ahlenius/GRID-Arendal (https://www.grida.no/resources/8378). b, Station-specific average total OA mass concentrations (whiskers 
are 1 standard deviation, s.d., corresponding to sample-to-sample variability) based on a statistical analysis of the water-soluble fraction to obtain factor 
recoveries (Supplementary Text 4) in the polar night (winter) versus midnight sun (summer) periods (Supplementary Table 2), sorted in descending order of 
the station annual average, and percent contribution to the particulate mass (including non-sea salt sulfate, nitrate, ammonium, EC and estimated sea salt63). 
The dashed blue lines connect winter and summer contributions at each station (no winter samples for G and T, and U winter samples were not analysed 
for ions). c, Van Krevelen plot as a tool for compositional differentiation among samples: atomic O:C ratio versus H:C ratio of the Arctic AMS-PMF-based 
factors (Supplementary Fig. 2), and individual PMF input bulk samples (colour coded by month: 1, January, through to 12, December). Red and blue dashed 
curves refer to the triangle reported by Ng et al.85. Grey dashed lines denote two example oxidation states (OS). Error bars correspond to 1 s.d. from a 
bootstrap analysis (Methods and Supplementary Text 4). d, Spatial distribution and seasonal variability in the average factor percentage contributions to 
total OA (water-soluble (Supplementary Fig. 7); entire time-series (Supplementary Fig. 10)). Factors are sorted from bottom (Haze) to top (POA) based on 
their onset (see Fig. 3), starting from late winter for Haze. Primary OAs, POA + PBOA (top). Orange outline, sum of natural-dominated OAs.
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apportionment (Methods and Supplementary Text 4) results are also 
combined with concentration-weighted trajectory (CWT) analysis48 
to determine the geographical origin of the OA factors (Methods and 
Supplementary Text 5). We performed the analysis of 350 (bi-)weekly 
composite samples from filters collected at eight observatories across 
the Arctic (Fig. 1a) at roughly overlapping periods in 2014–2019 
(Supplementary Table 1), yielding unique results of annual cycles 
which included the periods of winter darkness and summer daylight 
(Supplementary Table 2). Using this methodology, we determined 
the anthropogenic and natural sources that drive the mass of primary 
OAs and SOAs in the pan-Arctic region in both winter and summer. 
Our work is the first systematic, concerted and multiseason, multi-
station effort with advanced analysis techniques, which goes beyond 
intensive observation periods and case-study work20.

The total OA was found to be a major aerosol fraction that typi-
cally contributes 10–40% to the total particulate mass at the dif-
ferent stations (Fig. 1b; the dataset range is 3–65%), with higher 
relative contributions in the summer. Although only water-soluble 
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OA (WSOA) components were measured, the results represent the 
total OA by scaling the measurements by the water-soluble fraction 
of each factor (Methods and Supplementary Text 4). On average, 
WSOAs comprise 82 � 4% of the total OA. Absolute OA concen-
trations were generally higher at the more continental stations, 

~1.4 �g m�3  in Tiksi (TIK), ~0.4 �g m�3  in Cape Baranova (BAR) 
and 0.2 �g m�3  and 1.0 �g m�3  in Pallas-Matorova (PAL) in winter 
and summer, respectively, whereas typical concentrations at the 
other stations were lower (0.1–0.2 �g m�3 ). Figure 1c shows the O:C 
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Methods
Filter sampling. Total suspended particulate matter or PM10 (particulate matter 
with aerodynamic diameter d < 10 µm) was collected on quartz fibre filters at 
eight stations around the Arctic (Fig. 1a). This study combined distinct locations 
affected by anthropogenic versus natural, marine versus terrestrial and local versus 
long-range transported emission sources at different seasons. PAL stands out 
from the other stations as it is in a sub-Arctic site influenced substantially by the 
boreal biome, which highlights differences with higher-latitude sites. Typically, 
at least one annual cycle is covered per station (Supplementary Table 1). The 
samples from GRU cover the spring and summer season (Supplementary Table 2) 
over two consecutive years, whereas the longest temporal coverage is almost four 
years (ALT). Although the data coverage at TIK is relatively less wide, this site 
experiences distinctly higher levels of pollution compared with that of other sites 
and includes the spring, summer and autumn periods over three consecutive years, 
and so covers a wide range of conditions. More details about the stations and filter 
sampling are provided in Supplementary Text 1, which includes a description of 
the conditions under which the filters were handled, transported between stations 
and/or labs and stored during and/or after sampling.

AMS measurements and data analysis. The offline AMS technique was 
established by Daellenbach et al.47. Briefly, punches from the quartz fibre filter 
samples were extracted in ultrapure water (18.2 Mohm cm, with the total organic 
carbon (TOC) <3 ppb by weight). Teflon filters were tested but not measured 
(Supplementary Text 2). Typical quartz-fibre-filtered water-extracted organic 
concentrations were 2–3 µg C ml–1. The extracts were inserted into an ultrasonic 
bath for 20 min at 30 °C. Each sonicated sample was then filtered through a nylon 
membrane syringe (0.45 µm; Infochroma AG) and transferred to a ‘Greiner’ sample 
tube (50 ml). From the obtained solutions, aerosols were generated in synthetic air 
(80% volume N2, 20% volume O2; Carbagas) via an apex Q nebulizer (Elemental 
Scientific, Inc.) operated at 60 °C, dried by a Nafion dryer and directed into a 
long-time-of-flight AMS. Each sample was recorded for 480 s, with a collection 
time for each spectrum of ~40 s. Ultrapure water was measured for 720 s before and 
after each sample measurement. The technique was performed on ~370 extracts 
(samples and field blanks) in total.

For the data analysis, we used Squirrel v1.59B for the m/z calibration and 
baseline subtraction, and Pika v1.19B for high-resolution (HR) analysis, in the 
Igor Pro software package 6.37. The HR peak fitting was performed in the m/z 
range 12–191. After the peak fitting (fragments consisted of C, O, H, N and S), 
the isotope ions (and the inorganic fragments) were removed, and the average 
water-blank signal was subtracted from the average signal of the following sample. 
The resulting data matrix was the organic fraction mass spectra time series 
(normalized fragment ion intensity) and an error matrix that included the blank 
variability and measurement uncertainties. The signal-to-noise ratio (was >2.0 for 
390 out of 578 fitted organic fragment ions with m/z up to 133, whereas it dropped 
to 1.9 on average for fragments with m/z between 134 and 180. The inorganic-salt 
artefact on the AMS CO2 (ref. 86) and CO fragment ion signal was also accounted 
for (Supplementary Text 2), but the resulting corrections were minor.

Auxiliary measurements. Additional offline analyses were carried out 
(Supplementary Text 3); these included the measurement of EC and OC by a 
thermo-optical transmission method using a Sunset analyser, WSOC by a TOC 
analyser, major water-soluble ions (including MSA) by ion chromatography and 
organic markers (sugar-alcohols, sugars and organic acids) for selected samples. 
Several environmental parameters were retrieved as well, such as temperature, solar 
radiation and snow-depth data, which were averaged to match the time resolution 
of the filter sample composites measured by AMS (Supplementary Text 3).

AMS-PMF analysis. Concept. The normalized organic mass spectra from the 
offline AMS measurements were analysed by PMF87,88 using the multilinear 
engine 289. The aim was to derive source components (factors) that can be 
linearly combined to reproduce the observed time and chemical (mass spectral 
profiles) variations90 in the extracted organics. The separation of OA factors 
was therefore based on differences in their chemical composition and temporal 
behaviour, regardless of their original mixing state with other particulate matter 
components when suspended in the atmosphere. We did not use the absolute AMS 
signals for the quantification of the organic fraction, as they are affected by the 
AMS collection and transmission efficiencies and by the nebulization efficiency. 
Instead, we scaled the relative factor contributions determined by PMF using 
the TOC-based WSOC (see ‘Final AMS-PMF results’). Therefore, the total OA 
concentration is not affected by the collection efficiency. All extracted aerosol 
species are expected to be internally mixed in the nebulized particles, so the offline 
AMS collection efficiency should be the same for all identified OA factors91,92.

Methodology. The interface for the data processing was provided by the source 
finder toolkit93 (SoFi version 6.86) for Igor Pro (WaveMetrics, Inc.). PMF attempts 
to solve the bilinear matrix equation, Xij = ∑n (GinFnj + Eij), by following the 
weighted least-squares approach. In the case of AMS, i represents the time index, 
j is the fragment and n is the factor number. If Xij is the matrix of the organic 
mass spectral data and sij the corresponding error matrix (including the blank 

variability and measurement uncertainties), Gin is the matrix of the factor time 
series, Fnj the matrix of the factor profiles and Eij the model residual matrix, then 
PMF determines Gin and Fnj such that the ratio of the Frobenius norm of Eij over 
sij is minimized. The allowed Gin and Fnj are always non-negative. The PMF input 
matrices (Xij and sij) here included data from all the stations (~350 samples) and 
578 HR fragments with m/z up to 133 (or 1,029 HR fragments with m/z up to 
191). All fragments with a signal-to-noise ratio below 0.2 were removed from the 
matrices, and those with a signal-to-noise ratio below 2.0 were down-weighted 
according to the recommendations of Paatero and Hopke (2003)94. For factor 
identification90, we used a combination of criteria where applicable. These include 
the factor seasonal cycle, fragmentation pattern, characteristic fragments, time 
series correlation with external markers, time series correlation with environmental 
parameters and the BT analysis.

Number of factors. Unconstrained PMF was performed for n = 3–15 factors to 
choose a ‘base case’ solution before the uncertainty analysis. Five random seed 
runs were performed for each n (65 runs in total). Preliminary diagnostics were 
then produced (Supplementary Fig. 1) to investigate the optimum n based on the 
explained variability of the input matrix (Q/Qexp (exp, expected), scaled residuals) 
and the stability and/or interpretability of preliminary solutions among different 
runs for each n. All random seed runs provided essentially identical results 
(that is, the lowest Q/Qexp relative s.d.) only for the 11-factor solution (the factor 
profiles are shown in Supplementary Fig. 2). The stability of this preliminary 
solution only (versus other n) among the different random seed runs is detailed in 
Supplementary Table 3. The Q/Qexp of this average (‘base case’) 11-factor solution 
exhibited a random pattern in both dimensions (time series and variables) of the 
reconstructed PMF output matrix (350 samples and 578 HR fragments up to m/z 
133). With regard to a partial exploration of the rotational ambiguity, the 11-factor 
solution was the most robust (Supplementary Text 4), as other factor solutions were 
less stable among the different random seed runs compared with that of n = 11 for 
certain factors (Supplementary Table 3).

PMF errors. The PMF model statistical and rotational uncertainty was assessed via 
a bootstrapping (BS) approach (Supplementary Text 4) applied to the entire dataset 
(by including PMF samples from the all stations and seasons). The BS approach 
generated new input matrices by randomly resampling samples from the original 
input matrix. Each newly generated PMF input matrix had a total number of 
samples equal to those of the original matrices, although some of the original filter 
samples were represented several times, and others were not represented at all. The 
resulting error interval represents temporal variations of the 11-factor profiles, 
random errors and errors in the modelling process, such as rotational ambiguity 
and a mis-specified number of factors95. Note that a preliminary BS analysis was 
performed also for the 10-factor solution, but the results were less stable than those 
of the 11-factor solution.

Retention of PMF factors related to ambient organic aerosols. Although the optimum 
PMF solution contains 11 factors, only the 6 factors presented in the main text and 
figures were interpreted to be related to the sampled OA. The remaining factors 
were associated with carbonate and (field) blanks (Supplementary Text 4). The 
carbonate-related (inorganic) factor may originate from sea spray and/or transported 
dust from lower latitudes or inner-Arctic sources. It exhibited an unusually high O:C 
of ~1.9 due to a very high fCO2 of around 0.8 (Supplementary Fig. 2). We confirmed 
the presence of carbonate by HCl fumigation and offline AMS experiments 
for selected samples96,97. All the data presented are corrected for the carbonate 
(Supplementary Text 4). We separated a factor that was systematically associated 
with the filter substrate in terms of both the mass spectral fingerprint (factor profile) 
and the absolute mass concentrations at the different stations (Supplementary Text 
4) and three other factors with contributions that could not be decoupled from the 
background signal of the filter (Supplementary Text 4 and Supplementary Fig. 4).

Final AMS-PMF results. The atomic ratios (O:C, H:C, N:C and S:C) and OM:OC 
ratios shown in Supplementary Fig. 2 were calculated for all the PMF input 
samples and for each AMS-PMF factor (for m/z up to 133), using the Analytical 
Procedure for Elemental Separation version 1.05 within Igor. The error bars in 
Fig. 1c correspond to 1 s.d. from the 100 BS runs. The median and interquartile 
range of the factor-specific (k) fractional contribution (Fck) time series that 
resulted from the BS AMS-PMF analysis were converted into absolute WSOA mass 
concentrations by multiplying with the AMS-based (WS)OA:(WS)OC ratios of the 
different PMF-input samples (on carbonate subtraction) times the corresponding 
TOC-analyser-based WSOC values (total dissolved OC mass without any field 
blank subtraction): WSOAk = Fck × WSOC × (WSOA/WSOC).

Recovery analysis performed using PMF. Recovery analysis was performed using 
PMF, following a simplified version of the approach of D. Bhattu et al. (personal 
communication; see Supplementary Text 4). The lowest water solubility was 
~60–80% for POA, PBOA, Haze and OOA, whereas MSA-OA and BSOA can 
be considered fully water-soluble (Supplementary Text 4 and Supplementary 
Fig. 9). The AMS-PMF-based WSOA (x, the sum of six WSOA factors) versus 
the recovery-corrected total OA mass (y, the sum of six OA factors) time series 
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were correlated with an R2 of 0.99 and a slope of 1.16, which indicated that the 
majority of OAs are water-soluble (the remaining factors were subtracted from 
both the x and y variables). The reconstructed AMS-PMF-based OC mass (x, 
the sum of all factors) versus the measured sunset OC (y) were correlated with 
an R2 of 0.87 and a slope of 1.14, which indicated a sufficient closure within the 
uncertainties. Although the elemental ratios shown in Supplementary Fig. 2 
apply to water-extracted factors, the water solubility of Arctic OAs in this work 
was high (average ± 1 s.d. = 82 ± 4%), in agreement with previous estimates98, and 
does not vary significantly between locations and seasons. As a result, the data for 
the total OA shown in Figs. 1b,c and 2 are similar to those obtained for WSOA 
(Supplementary Figs. 7 and 8). The corresponding (median) total OA factor time 
series (Supplementary Fig. 10) were provided on conversion from WSOA values 
by applying median factor-specific recoveries, and were used as the result with 
regard to the factor time series. The median time series correlated highly with the 
base-case-solution time series (Supplementary Table 4).

Source-marker AMS fragments. We provide in Supplementary Table 5 specific 
fragments identified in our dataset as characteristic of specific sources, which 
were also identified in previous studies. These fragments were selected based on 
their highest contribution to these factors and the dominant contribution of these 
factors to these fragments.

Uncertainties. We briefly discuss here the PMF errors, the errors on the recovery, 
the errors on the relative ionization efficiency and the errors due to negative 
artefacts. The BS analysis indicated relative errors below 30% on average for median 
factor mass concentrations >50 ng m−3, with MSA-OA clearly being the least 
uncertain factor (Supplementary Text 4). The interquartile range of the median 
time series corresponds to errors from the BS runs without contingency for errors 
from the recovery analysis, by applying constant WSOA-to-OA factor-specific 
(median) conversion factors. We used the same relative ionization efficiency for all 
OA fractions. Given the recently reported relative ionization efficiencies for organic 
compounds of 1.2–1.8 (refs. 99–101), we expect the uncertainties that result from this 
simplification to be on the order of 20–30%, comparable to our modelling error 
estimates. Although the positive filter artefact is probably captured in this work 
through the identification of the field blank-related factor, the negative filter artefact 
(loss of semivolatile organics) could not be extensively assessed due to the current 
routine filter sampling strategies. In future analyses, it would be useful to address 
the negative filter artefact and other effects related to sample treatment, such as the 
effect of filter storage and revolatilization on water extraction, and to compare the 
offline results with concurrent online measurements.

BT analysis for OA factor geographical origin assessment. BTs show the air mass 
history (origins and transport paths) and thus can provide information on the 
geographical location of potentially advected emissions at large geographical scales. 
Here, BT analysis (Supplementary Text 5) was performed to assess potential source 
locations of individual Arctic organic components or their precursors over the entire 
time period covered at each station. The trajectories were calculated backward for 
up to ten days using the HYSPLIT4 model with meteorological data from the Global 
Data Assimilation System with 1° resolution (GDAS1; ftp://arlftp.arlhq.noaa.gov/
pub/archives/gdas1). The station coordinates correspond to the arriving location 
of each BT. We weighted the calculated BTs with the AMS-PMF-based factor 
time series using the CWT model to localize the air parcels responsible for high 
measured concentrations at the receptor site. For the CWT analysis, the Igor-based 
user interface ‘ZeFir’ was used48. Although the HYSPLIT trajectory module within 
ZeFir is currently limited to the use of regular GDAS meteorological field data files, 
it offers the option to run the model at any date and/or time (for example, an entire 
year). The average mass concentration of each factor in each sample was enlarged 
in ZeFir for 2, 7 or 14 days back in time (resolution of 6 h, except for the Russian 
stations at 4 h), depending on the average sampling time resolution at each station 
(for example, a 14 day enlargement for a bi-weekly sampling time resolution), 
and the corresponding enlarged BT results were averaged (within the software) to 
represent each individual sample. Air parcels rising at altitudes above 3 km a.g.l. 
were considered less likely to arrive at the receptor site and hence were discarded 
(a threshold altitude of 1.5 km did not produce substantially different results unless 
otherwise noted). We assessed the sensitivity of our results to the BT timescales 
showing that the resulting maps are robust and not too sensitive beyond certain 
lengths of time (Supplementary Text 5). Multisite merging is a powerful option in 
ZeFir to explore the bigger picture of source–receptor approaches, as combining 
several sites together leads to higher trajectory density values. Merged results 
(without normalization) are presented in Fig. 4 to indicate pan-Arctic hot spots with 
a greater accuracy than that of single-site results. No weighting function was applied 
to include the influence of less-frequent air mass trajectories from distant regions 
(‘long-range’ probability heat maps102). The main observations from individual 
station results are described in Supplementary Text 5.

Data availability
The data used in this study103 is openly available at Zenodo (https://doi.org/ 
10.5281/zenodo.5775070). Please contact the corresponding authors when using 
the data.

Code availability
Datalystica Ltd is the official distributor of SoFi Pro licenses. Origin was used for 
graph plotting. The open-source Igor-based package ZeFir is free to download at 
https://sites.google.com/site/zefirproject/download. The World Maps available 
with ZeFir are taken from Natural Earth Data.
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